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Abstract of Doctoral Thesis Academic Year 2017

Enhancing Team-Level Behavior Change Using Information
Sharing

Abstract

The rapid spread of smartphones and wearable devices has significantly been en-
abling activity sensing technologies, and it allows that most people who have the de-
vices, to collect various type of activities in their daily life as lifelog data conveniently.
In the ubiquitous environment, the collected data is used for promoting a human be-
havior in any cases. Besides, the majority of people are spending their most of time in
organized groups with their devices.

To the best of our knowledge, existing behavior change researches mainly focused
on an individual- or group-level behavior change using lifelog data that is collected by
mobile/wearable devices. Moreover, traditional approaches in Social Psychobiology
and Behavior Science tackle to analyze human behavior just by observation without
dynamic intervention using information technologies. However, most people spend
in organized groups surrounded by ubicomp environment in the near future, so that
methodologies for empowering the team—level activity is a significant research subject
in the organized group in the ubicomp era.

In this dissertation, we designed and implemented Sapplication Platform for en-
hancing and measuring team-level behavior change using information sharing among
team members in the ubiquitous environment for the first time. As an intervention
method for a team, Sapplication Platform can share lifelog data via six types of infor-
mation sharing models that are based on the “competition” and “collaboration” tech-
niques on existing researches. As evaluations of the platform in this dissertation, we
conducted two studies using Sapplication Platform over a period of six weeks with
baseball- and rugby-team in the university.

Through the evaluations, our analysis showed that the platform could be used in
daily activities on real teams. Further, use of the “team-based competition” concept
model (iCL+eCP) was most effective for teams on competitive teams, such as sports
teams, among the proposed models.

Keywords
Life-log, Team, Behavior Change, Information Sharing, Ubiquitus Computing

Keio University Graduate School of Media and Governance
Yuuki Nishiyama



D0oooono 201700 (@0 2900)

gougbobooboboobooouoon

goog

0000o000o0od0ooo0ooooooooooooooooooogn
00000o0ooOoooooooo0ooooooooooooooooDooooon
0000ooo0oooDooOoooooooOooooDoooooooooooon
000oo0oo00oooooUooooooooooOooooooooooooon
000o0ooo0o0o0oooooO0oooooO0ooooooOooooDoooooon
000o0oooooOooooooO0oooooOoooooooooooooooo
00o0oooo0oooooooOoooooooooooooooooooooo
00o0ooo0oooooO0ooDooodoooooogoooooogooo
gooDo0o0oo0o0o0ooooooooooooooOogooooooooDoooo

go0oo0o0o00ooooooOoOOo0o0dooo0ooogooooooooo
odo0oooodooDoooO0ooooooO0ooooooOoooooogooo
goooooOoOooOooOoOooOoOoODDOOOOeUUODDOOOODDDOO
0000000000000 00D00000000000040d Sapplication Platform(
0o0o00oooo0oooooooooooooooooooooooooon
00000000000 D 2000000000000 8000000000
O0000000Sub-GoalDODOODOOODOO Sapplication Platform 0 0 30
00000ooo0ooooooooooooo0ooooDooooooDoooon
0000ooo0ooooooo0oooooo0ooooooooooDooooon
0000ooo0oooooooooooDooooooDooooooDoooon
ooooooooooooo

0000000000000 00o000o00DoDoo0oOo0ooDooDOoOOn
0000000000000 o0oo0oDo0oo0oobOooOOobOoDooooooone
0000000 00o0ooo00oooooo0oooooDoo0ooooDoooon
Sapplication Platform 0 0 0000000000000 O0O0ODOOODOOOOOO
00000o0DoooooooooooDooooooooooooooooogo

goooon
gbooboboooobobooobooboooobooboooooboooo

obooooobobooboooocobooboo
oo oo

ii



Acknowledgments

First of all, I would like to express my great appreciation to my supervisor Professor
Hideyuki Tokuda. Without his long-time sincere guidance, this dissertation and my life
as a researcher have not been started.

I also appreciate the assistance of Professor Yasushi Kiyoki, Professor Jin Nakazawa,
Professor Anind K. Dey, and Professor Takaaki Kato for their insight comments and
advice which given me fresh perspective. I would like to express my gratitude to Pro-
fessor Yasushi Kiyoki for his keen advice and encouragement from the perspectives of
database and the global environmental system problem. I also would like to express
the deepest appreciation to Professor Jin Nakazawa to support for designing my re-
search space. I would like to thank you to Professor Anind K. Dey who is a director
of Human-Computer Interaction Institute, Computer Science Department at Carnegie
Mellon University (CMU) in the US for his hospitability. I have learned profession-
alism as well as the top-level research quality during the six-month internship from
him. Professor Takaaki Kato is even OB of Keio University Baseball Club which is the
official baseball team in Keio University. He is one of my role model for a dual career
as an athlete and a researcher. His presence, as well as advice, is the enormous factor
for admitted to the PhD program.

I also would like to thank Professor Denzil Ferreia, project leader of AWARE
Framework, to invite me to worldwide mobile sensing instrument project. I would like
to thank Professor Kazunori Takashio, Professor Takuro Yonezawa, Professor Chen
Yin, and Professor Tadashi Okoshi as faculty members in Tokuda Laboratory for con-
structive comments and warm encouragement.

I have greatly benefited from Yuka Matsuo, Dr. Kiyonobu Kojima, Tomotaka Ito,
Masaki Ogawa, Mina Sakamura, and Makoto Kawano and all of laboratory members
in Tokuda Laboratory. Especially, Wataru Sasaki, Kazuki Egashira, Naoki Isokawa,
Mikio Obuchi and other members in Life-Cloud group support were invaluable.

I would like to express my gratitude to Shunsuke Aoki. He is my best friend and
I have gotten stimulative perspectives every discussion with him. JunWook Park and
Sha Zao are my lab mate when [ worked in CMU as a visiting researcher. Discussions
with them were valuable time to establish my research question and polish my idea,
and their research speediness, passion, and toughness empowered my motivation dur-
ing six—month internship in CMU as well as after the internship. I would also like to

iii



express my gratitude to SeungJun Kim, Sang Won Bae, Sunyoung Cho, Adrian de Fre-
itas, Jaemin Chun, Michael Nebeling, Nikola Banovic, Brandon Taylor, Julian Ramos,
Kyung-Joong Kim, and members of Ubicomp Lab, Human Computer Interaction In-
stitute at CMU for their kind and productive advice on our research, as well as for their
friendship and hospitality during my internship at CMU.

I have greatly gratitudes for Professor Yasushi Kiyoki, Shuichi Kurabayashi, Sh-
iori Sasaki, Asako Uraki, Kanako Morishita, Kohei Matsunaga as well as all faculty
members at the Global Environmental System Leaders (GESL) Program; Professor
Toshihisa Ueda, Professor Yusaku Okada, Professor Kenji Yasuoka, Professor Takuma
Akimoto, and all other GESL faculty members in the Graduate School of Science
and Technologies; and Kayo Imachi, Sachiko Yamamoto, Kazumi Saita, Moho Aoki,
Ryoko Kuroda and all other officers in the GESL office. Especially, my six—-month
international research experience in the GESL international training program at CMU
was one of the significantly information experience not only for my PhD dissertation
but also my career pass. Without the glorious support of GESL program, this research
could not be realized.

I would like to gratitude to Amane Kobayashi, Yu Suzuki, Gaku Inoue, Kentaro No-
mura, Yuta Kurashina, Ami Ogawa, Fuyuaki Endo, Yukiko Sato, Shunsuke Hananoi,
Tomoya Imanishi, Takuma Nozawa, Hossein Vahidi, Chalisa Veesmmai, Jinmika Wijit-
dechakul, Irene Erlyn Wina Rachmawan, Alizan Mahadi and all other GESL students.

I would like to thank Shozo Eto, Hideo Takeuchi, and Hideaki Okubo as head
coaches, all players, and staffs in Keio University Baseball Club for helping my ex-
periment. Without their persistent cooperation this dissertation would not have been
possible. I owe a very important debt to Makoto Ueda, Yoshio Shichijo, and Hiroki
Akamatsu who are coaches in Keio High School Baseball Club. When I enrolled in
Keio High School through an AO examination, I have gotten advice from then that
“You are a student in Keio. It means that you have to be a global leader.” ; the advice
is sustained me. I hope this dissertation shows new ways for one’s juniors. Hayata Ito
is even my rival after graduating from baseball club at Keio University, and I am always
inspired by his super plays and home runs in the professional baseball. I would also like
to thank Yuji Watase (General Manager), Atsushi Kanazawa (Head Coach), Chihiro
Ota (S&C Coach), Ken Yoneda (Medical Staff), Abe Ana (S&C Student Staff), all of
staffs, and all players in Keio University Rugby Football Club. Without their persistent
help this dissertation would not have been possible. Professor Naohiko Kohtake, Pro-
fessor Yuko Tokairin, Professor Tomohisa Nagano, Dr. Sakai Toshiaki, Yohei Chiba,
Atsushi Iwasaki, Toru Kanamori and all of professional who helped my research gave
insightful comments and suggestions from each professional viewpoint. Without their
comments this dissertation would not have been possible.

Finally, once again, I would like to thank all the people who always encourage my
research life, and my family for their unconditionally supporting me.

May 19, 2017
Yuuki Nishiyama

v



Contents

1 Introduction

1.1 TheProblem. . . . . ... ... ... ... . ... . ...,
1.2 ResearchGoal . . . . .. ... ... ... ... ... . ...
1.3 Approach . . . . .. ... ...
1.4 The Thesis Statement . . . . . . . . ... ... ... .........
1.5 Contributions . . . . . . . ... ...
1.6 DissertationRoad-map . . . ... ... ... ... . ... ...,

2 Background

2.1 Ubiquitous Computing . . . . . . . . . .. .
2.1.1 Mobile and Wearable Computer . . . . ... ... ......
2.1.2 Imtermetof Things. . . . . .. ... ... ... ... .....
2.1.3 Life-logging Technologies . . . . . .. ... ... ......
214 BigData .. ... ... ... .. ...
2.2 Behavior Science: Human Behavior Change . . . . . . ... ... ..
2.3 Social Psychology . . . . . .. ... ... L.
24 Summary ... ..o e e e

3 Related Works

3.1 Individual-level Intervention . . . . . . . . . ... .. ... .....
3.2 Group-level Intervention . . . . .. ... ... ... .. .......
3.3 Social Behavior Analytics with Mobile Devices . . . . . ... .. ..
34 Summary ... e e e

4 Team-Level Behavior Change
4.1 Definitionof Team . . . ... ... ... ... ... ... ...

A b W WD N -

=)

11
12
14
14
15
17

20
21
22
24
26

27



4.2
4.3

4.4

4.5

Motivation: Position of Team—level Behavior Change Research . . . .
Approach: TBC-Cycle . . .. ... ... ... ... ... .....
431 GoalsinTeam . ... .....................
4.3.2 Information SharingModels . . . . . ... ... ... ... ..
4.3.3 TPIL: Team Performance Indicator . . . . ... ... ... ..
Use-casesof TBCModels . . . ... ... ... .. ... ......
44.1 Use—case: Enhancing Team—Level Exercise Behavior Change
4.4.2 Use—case: Enhancing Team—Level Self-report Activity . . . .

Summary . ... ..

Sapplication Platform

5.1
5.2

53
54

System Design . . . . ... ... ...
Implementation of Sapplication Platform . . . . . .. ... ... ...
5.2.1 User ManagementModule . . . . . ... ... ........
5.2.2 User Data Collecting Module . . . ... ...........
5.2.3 Sappliment Management Module . . . ... ... ... ...
5.24 Data VisualizationModule . . . . ... ... ... ... ...
Procedure of Platform Usage . . . . . .. ... ... ... ......

Summary . . . ... e e

Exercise Study: Promoting Team-level Exercise Behavior Change

6.1

6.2
6.3

6.4

Target Team—level Behavior Change . . . . . .. ... .. ... ...
6.1.1  Schedule of Information Sharing . . . . . ... ... .....
6.1.2 Used Information Sharing Models . . . . . ... ... ....
6.1.3 Team and Model Configuration . . .. .. ... ... ....
6.1.4 Dataset . . . .. ... ...
Experimental Procedure . . . . . . .. ... ... ...
Results. . . . . . . . .
6.3.1 Influence on Team Total Performance . . .. ... ... ...
6.3.2 Influence on Comfort Level . . .. ... ... ... .....
Discussion . . . . . ... ..
6.4.1 TeamDesign . ... ... ... .. ... ... .. ...
6.4.2  Characteristics of Each Information Sharing Model . . . . . .
6.4.3 Long-Term Experiments and Analysis . . . . . ... ... ..

6.4.4 Constructing a Platform to Promote Team Behavior Change

vi

29
31
31
32
38
41
41
42
42

44
45
45
47
47
53
55
55
57

59
60
60
61
62
63
64
65
65
67
70
70
70
70
71



6.5 Summary . . .. ... 71

7 Self-Report Study: Enhancing Team—Level Self-Report Activity 77
7.1 Target Team—level Behavior Change . . . . . ... ... ... .... 78
7.1.1 Schedules of Information Sharing . . . ... ......... 79
7.1.2  Used Information Sharing Models . . . . . ... . ... ... 80
7.1.3 Team and Model Configuration . ... ... ... ...... 82
7.1.4 Dataset . . . . . ... 83
7.2 Experiment Procedure . . . ... ... ... . ... ... ... 84
73 Results. . . . ... 86
7.3.1 Influence on Team Total Performance . . . . ... ... ... 86
7.3.2 Influence on ComfortLevel . .. ... ... ... ...... 89
7.3.3  Group Efficacy and Cohesiveness . . . . . ... ... .... 90
7.3.4 Collected ActivityData. . . . ... ... ... ... ..... 91
7.3.5 Interview to Team Manager . . . . ... ........... 92
T4 DISCUSSION . . . . . v vt e e e e e 96
7.4.1 Long-Term Behavior Change . .. ... ... ........ 96
742 Personality . .. ...... ... . ... ... 97
7.5 Summary ... e 97
8 Conclusion 99
8.1 Application of Team-level Behavior Change . . . . . . ... ... .. 100
8.1.1 Evidence Based Team-level Intervention Studies for

Non—programmer . . . . . . . . . ... ... 100
8.1.2  Applicability of TBC-Cycle to Other Types of Teams . . . . . 100
8.2 Future Works on Team-level Behavior Change . . .. ... ... .. 102
8.2.1 Large-scale and Long—term Studies . . . . .. ... ... .. 102
8.2.2 Personalized Information Sharing . . . . ... ... ... .. 103
8.2.3  TPI Prior Team-level Intervention by Reverse TBC-Cycle . . . 104

8.2.4 Applying Multimodal Lifelog Data for Enhancing Team—Level
BehaviorChange . . . . ... ... ... ... ........ 105
8.2.5 Preventing Misuses and Privacy Protection . . . ... .. .. 106
8.3 ConcludingRemarks . . ... ... ... ... ... ... ... 106

A The Japanese Collective Efficacy Questionnaire for Sports (Japanese) 119

vii



An Instrument of Measure Cohesiveness in Sport Team (Japanese)
Questionnaires about Team—Efficacy Level in Japanese
Questionnaires about Team—Cohesion Level in Japanese

ESM Configuration file for iOS ESM

viii

120

121

122

123



List of Figures

1.1

2.1
22
23
24
25
2.6
2.1

2.8
29
2.10

3.1
3.2

33

34
35

4.1
4.2
43
44
4.5

Dissertation Road-map . . . . . ... ... ... ... ... ..., .

Research Area . . . . . . . ... ... ... ... ...
The Major Trends in Computing . . . . . . ... ... .. ......
Spread of Mobile Phone . . . . ... ..o oo
Screenshot of AppStore oniTunes . . . . .. ... ... .......
Spread of Wearable DevicesinJapan . . . . . . ... ... ... ...
Spread of Wearable DevicesinUS . . . ... ... ..........
Improvement of Internet of Things: Forecast of a number of connected
devicestothe Internet . . . . . . . . ... ... ...
Predication of Increasing Amountof Data . . . . ... .. ... ...
Stage Model of Behavior Change . . . . . . ... ... ... .....
The Japanese Collective Efficacy Questionnaire for Sports: JCEQS . .

Intervention Overview of Individual-level Behavior Change Research

Prominence of Behavior Change Research in the Last 10 Years of CHI
Proceedings . . . . . . . . . ...
The transition from Individual-level to Group— and Team-Level Be-
havior Change Research . . . . ... ... ... ... .. ......
Worldwide Market Share of Mobile Operating Systems . . . . . . . .
Market Share of Mobile Operating Systems . . . . . ... ... ...

Classification of Groups . . . . . . . . . . ... ... ... ...
Structure of IBC-Cycle . . . . . .. ... ... ... ... ... .
Structure of TBC-Cycle . . . . . . . . . ... ... ... .. ...,
Information Sharing Models . . . . . .. ... ... ... ......
IND: Concept of Individual Model . . . . .. ... ... .......

ix

10
11
12

13
14
15
17

21

22

23
25
26

29
32
32
34
34



4.6
4.7
4.8
4.9
4.10
4.11
4.12
4.13
4.14
4.15

4.16
4.17
4.18

5.1
52
53
54
55
5.6
5.7
5.8
59
5.10
5.11

6.1
6.2
6.3
6.4
6.5
6.6
6.7
6.8

Example of IND . . . . . . . . . ... 34
iCL: Concept of Internal Collaboration Model . . . . . . .. ... .. 35
Example of iCL . . . . . . . . . ... . ... 35
iCP: Concept of Internal Competition Model . . . . .. ... .. .. 36
Example of iCP . . . . . . . . . . . . e 36
iCLCP: Internal Collaboration and Competition Model . . . . . . . . 36
Example of iCLCP . . . . . . . . . . .. ... ... 36
iCL+eCP: Internal Collaboration and External Competition Model . . 37
Example of iCL+eCP . . . . . . .. . .. ... ... ... .... 37
iCLCP+eCP: Internal Collaboration, Competition and External COm-

petitionModel . . . . . . ... 38
Example of iCLCP+eCP . . . . . . . . . . .. ... 38
Overview of Exercise Behavior Change . . . .. ... ... ... .. 42
Overview of Self-report Activity Behavior Change . . . .. ... .. 43
Concept of Sapplication . . . . . ... ... ... ... ....... 46
System Architecture of Sapplication Platform . . . . . ... ... .. 46
Screenshot of Team Manager . . . . . . .. ... ... ........ 49
Screenshot of AWARE ClientiOS . . . ... ... .......... 50
System Architecture of AWARE ClientiOS . . . ... ... ..... 51
System Architecture of AWARE Client Android . . . ... ...... 52
System Design of ESM for AWARE ClientiOS . . ... ... .... 53
Supported ESMs . . . . . .. oo 53
Screenshot of Sapplication Maker . . . .. ... ... ........ 54
Screenshot of Data Visualization Module for Manager . . . . .. .. 56
Screenshot of Data Visualization Module for Member . . . . . . . .. 57
Process of interaction between an user and Aaron2 . . . . . ... .. 61
Usage example of Aaron2 intheuserstudy . . . ... .. ... ... 61
Screenshots of Top Page and Application Page in Aaron2 . . . . . . . 62
Components of the Activity Page . . . . . . . . . .. .. ... .... 73
Experimental Procedure of Exercise Study . . . . . . ... ... ... 74
Sit-up Activity by the Laboratory Team . . . .. ... ... ... .. 74
Sit-up Activity by the Baseball Team . . . . . . ... ... ... ... 75
Comparison between iCLCP+eCP and iCL+eCP . . . . . . ... .. 75



6.9 Comparison with weekly standard deviation of iCL+eCP in baseball

6.10 Compare with weekly standard deviation of iCLCP+eCP in baseball

team . . . ..o e e e e e e 76
6.11 Daily active user rate of Aaron2 during the experiment . . . . . . .. 76
7.1 Notification Schedule: User answered between 8§ and 12AM . . . . . 79
7.2 Notification Schedule: User unanswered before 12 AM . . . . . . .. 80
7.3 Notification Schedule: User answered before 8AM . . . . . . .. .. 80
7.4 Screenshot of notification . . . . . ... ... ..., 81
7.5 Screenshot of condition check questionnaires and ESMs . . . . . .. 84
7.6 ExperimentSchedule . . . ... ........... ... ...... 85
7.7 Explanatory Meeting with Each Team . . ... ... ... ... ... 85
7.8 Base—Line: Response Times with IND in Pre—Intervention . . . . . . 87
7.9 Response Times with Each Interventions in Main—Intervention . . . . 88
7.10 Response Time for Each Team Context in IND and iCL, iCP, iCL+eCP 89
7.11 Amountof LocationEvents . . . . . . ... ... ... ... . .... 92
7.12 Amount of WiFi Access Points Data . . . . . . ... ... ... ... 93
7.13 Amount of Activity Events . . . . . . ... ... ... 94
7.14 Amount of WeatherData . . . . . .. ... .. ... ... .... 95
7.15 Amount of Battery Level . . . . . ... ... ... ... ... ... 96
7.16 Amountof ScreenEvents . . . . . ... ... L 0oL, 97
8.1 Response Map with Activity Type . . . . . .. ... ... ... ... 101
8.2 Bartle taxonomy of playertypes . . . .. ... ... .. .. ..... 104
83 Reverse TBC-Cycle . . ... ... ... ... ... . ... ..... 105

A.1 The Japanese Collective Efficacy Questionnaire for Sports: JCEQS
(Japanese) . . . . . .. e 119

xi



List of Tables

2.1
2.2

4.1
4.2
43
4.4

5.1
52

6.1
6.2
6.3
6.4
6.5

7.1
7.2
7.3
7.4

7.5
7.6
1.7
7.8
7.9

Specification of iPhone 7 . . . . . . ... Lo oo 9
An Instrument of Measure Cohesiveness in Sport Team . . . . . . . . 19
Position of Team—level Behavior Change Research . . . . . .. . .. 30
Elements of each lifelog sharingmodel . . . . . . .. .. .. ... .. 33
Questionnaires about Team—Efficacy Level . . . . . . . ... ... .. 40
Questionnaires about Team—Cohesion Level . . . . . . . .. ... .. 41
Supported sensors on AWARE Framework . . . . ... ... ... .. 48
Methods for Application Release on iOS platform . . . . . . ... .. 52
Correspondence of Each Group and Information Sharing Models . . . 63
Questionnaires about Level of Comfort Using the System . . . . . . . 64
Weekly TP of each lifelog sharing models in baseball team . . . . . . 67
Result of questionnaires given to baseballteam . . . ... ... ... 67
Impressive episodes for participants . . . . . . . .. ... ... ... 68
Notification Messages of Result Notification . . . . . . . . ... ... 81
Notification Messages of Result Notification . . . . . . ... ... .. 82

Correspondence of Each Internal-Teams and Information Sharing Models 83

Dataset: Collecting activity data from participants’ mobile phone in

Self-Report Study . . . . . . . . . . . ... ... 83
Statistic of Response Times with Each Interventions . . . . . . . . .. 87
Comfortable Level of Contents in Notification . . . . . . ... .. .. 90
Pressure from Contents in Notification . . . . . . ... ... ... .. 90
Continuation of Notification Contents . . . . . ... ... ... ... 90
Group Efficacy and Cohesiveness . . . . . ... ... ... ...... 91

Xii



7.10

B.1

C.1

D.1

Dataset: Amount of collected activity data from participants’ mobile

phone . . . .. 91
An Instrument of Measure Cohesiveness in Sport Team (Japanese) . . 120
Questionnaires about Team-Efficacy Level in Japanese . . . . . . . . 121

Questionnaires about Team—Cohesion Level in Japanese . . . . . . . 122

Xiii



Chapter 1

Introduction

In the civilized society, most people live in organized groups such as a school, a com-
pany, a family, a neighborhood association, and a sports team for a long time to help
each other. Among organized groups, team (i.e., sports team, a project team in a com-
pany, and a research group in a laboratory) strongly shares a common goal between
team members, and they empower each other for achieving the goal. Therefore, to
achieve the goal, enhancing the team-level performance is an essentially important
factor for the teams.

Ubiquitous computing which is proposed by Mark Wiser around 1988, is a concept
of a future computing environment which means that “Computers are existed ubiqui-
tously around human and support human activity calmly.” In the ubiquitous computing
environment, various types of activity data might be collected without human inten-
tions, and the data is used to enrich human life. Due to the evolution of information
technology, the current information environment has been approaching the ubiquitous
computing environment. For example, the current development of information tech-
nologies such as smartphones, wearable devices, and wireless/distributed sensor tech-
nologies (i.e., IoT) have significantly enhanced the ability of humans to capture and
record various types of data in their daily lives, examples of such data include the
number of steps [1], sleep information [2, 3], foods consumed [4], and communica-
tion amount [5, 6]. In addition, the wide variety of such data have been utilized for
self-behavior change [7, 8, 9, 10], medical care [11] and social analytics [12, 6].

Under the ubiquitous computing environment, the organized groups assume that
they fully use the collected different kinds of data for achieving team goals. However,

the valuable data has been still deposited under the user space or each service provider



1.1. THE PROBLEM

data in the existing researches and systems. The group-level activity enhancement by
sharing the data in the groups has a potential to contribute to various group activities
for achieving their goal such as improving group-level productivity in companies, an
amount of training in a sports team, and contributions of volunteer works in a com-
munity. For teams in the ubiquitous computing environment, to investigate methods to

effectively use the data are an essential research question.

1.1 The Problem

While existing researches for promoting human behavior change (i.e., Persuasive Com-
puting and Gamification) using interventions by information technologies focused on
individual-level behavior change, team-level behavior change has not been investi-
gated yet as best of our knowledge. Moreover, existing computer science researches
constructed their systems with several methods and theories such as “competition,”
“collaboration,” and “award.” However, effectiveness of the methods and theories have
been not clear yet because various kinds of human relationships exist in teams, such
as employer—employee, teacher—student, or manager—player, and team goals. In addi-
tion, research methodologies for measuring the effectiveness of team-level behavior
change and team-level intervention platforms which can apply the team—level inter-

vention methods for the real team generally have not been existed yet.

1.2 Research Goal

The final goal of this research is to substantiating team-level behavior change for
achieving their team goal by sharing buried activity data among team members. As ap-
plications, the substantiation has a various potential to applying it such as to team—level

99 ¢

“productivity improvement,” “performance enhancement,” and “injury/illness preven-
tion.” To achieving the final goal, this dissertation following goals: (1) This disserta-
tion designed and implemented a general information sharing platform for long—term
and large—scale team-level intervention. (2) As the first step of team—level behavior
change study, this dissertation conducts team—level intervention study using developed
platform on real teams, and (3) analyzes effects of information sharing models on the

teams.



1.3. APPROACH

1.3 Approach

This dissertation proposes Team-level Behavior Change for supporting an achievement
of each team goal by circulating the deposed data in a team. The concept of the cir-
culation is called Team—level Behavior Change Cycle (TBC-Cycle) which composed
of three elements: Team Goal, Team—level Intervention, and Team Performance In-
dicator. Especially, as team—level intervention, we propose six types of information
sharing models that are combined with “competition” and “collaboration” techniques
in Gamification.

Moreover, “Sapplication Platform” which is based on TBC—Cycle is a team—based
intervention and experiment platform to conduct large—scale and long—term, combi-
nation of investigations in real teams. This dissertation conducts experiments in real
teams for measuring the effectivenesses of the information sharing models with Team
Performance Indicator (Team Performance, Comfortable Level, Team-Efficacy, and
Team-Cohesion) on TBC-Cycle.

The best of our knowledge, this dissertation tackles first time to measure the impact
of information sharing on the team behavior change to measure the effectiveness of

team—level behavior change.

1.4 The Thesis Statement

Consequently, as a first-time experiment, using Sapplication Platform, we evaluated
and analyzed these models in order to “investigate the effects of different types of
lifelog sharing models™ through two extensive user study conducted with a baseball
team (64 participants) for enhancing exercise (i.e., sit-up training), and a rugby team
(21 participants) for empowering self-report activity over a period of three weeks as a
first time experiment.

As a result of the studies, Team Performance showed that the effectiveness of infor-
mation sharing is closely related to the team’s goal and a type of information. Further,
use of the team—based “competition” model was the most effective for teams in a com-
petitive situation, such as sports teams, among the proposed models. In addition, the
result of Team—Cohesion and Team Efficacy, as well known theory which has a causal
relationship between the value and group performance, also shows that the team—based
“competition” model is enhanced the Team—Cohesion and Team Efficacy.

The result suggest that, to share data which is related their team’s goal using team—



1.5. CONTRIBUTIONS

based competitive information sharing (i.e., iCL+eCP) is the most effective for empow-
ering their performance in the competitive sports teams in the university. Moreover, it is
also indicate that the methodology of Team—Level Behavior Change research and Sap-
plication Platform have potentials to apply various types of team and collected data.
Conducting the large scale and long—term is our future work using the Sapplication
Platform and TBC—Cycle.

1.5 Contributions

This dissertation has the following contributions:

e As an attractive new interdisciplinary research, team-level behavior change re-
search, using information sharing among team members in Ubicomp environ-

ment, has created in this dissertation.

e To enhancing team-level behavior change, we established TBC-Cycle to utilize
buried data and proposed six-types of information sharing models (IND, iCL,
iCP, iCLCP, iCL+eCP, iCLCP+eCP), that can be used as team-level interven-

tions on the cycle, based on Competition and Collaboration techniques.

o In addition, through team-level intervention studies using the proposed infor-
mation sharing models in the real teams are revealed that competition between
teams (iCL+eCP) promotes team behavior change in the sports team that per-

forms targeted competitive team sports.

e For end users, we implemented Sapplication Platform, which can easily conduct
an evidence-based team-level intervention research using the proposed six types

of information sharing models and TBC-Cycle.

1.6 Dissertation Road-map

Figure 1.1 illustrates the road-map of this dissertation. This dissertation establishes the
above thesis through the following steps:

Chapter 2 presents the background of team—level behavior change research from a
view point of computer science, behavior science (e.g., TTM and Self-efficacy), and so-
cial psychology. Chapter 3 describes related works of Team-Level Behavior Change

researches using information technologies. Chapter 4 clarifies the research question

4
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of Team-Level Behavior Change, and proposes Team-Level Behavior Change Cycle
which is included six types of information sharing models. Chapter 5 presents a system
design and implementation of Sapplication Platform based on Team-Level Behavior
Change Cycle, which is for fulfilling large—scale, long—term, and combinational inves-
tigations in real teams. Chapter 6 describes a first study for measuring effects of infor-
mation sharing models in a baseball team and a research group. Chapter 7 describes,

as a second study, a self-report study. Finally, Chapter 8 concludes this dissertation.

Conclusion
(Section 8)

Exercise Study Self-Report Study
(Section 6) (Section 7)

Sapplication Platform (Section 5)

: Team-Level
/ Intervention \ '

Team Performance

Indicator

" Team-Level Behavior Change Cycle

Team-Level Behavior Change (Section 4)

Related Works (Section 3)

Background (Section 2)

Figure 1.1: Dissertation Road-map



Chapter 2

Background

This chapter arranges a research background of team-level behavior change from view-
points of Computer Science, Behavior Science, and Social Psychology. As shown in
Figure 2.1, team-level behavior research is a research area where multiple research
regions are related. At first, for describing a history of the research areas, Section 2.1
shows a history of ubiquitous computing in computer science. At second, in Sec-
tion 2.2, efforts of human behavior change theories are expressed. Finally, Section 2.3
shows approaches and theories of human behavior in the society from perspective of

the social science.

Computer Science
(Ubiquitous Computing,

Human Computer Interaction,

Computer-Supported Cooperative Work)

Mobile Crowd Sensing----..~
SNS Analysis

,+====Persuasive Computing

(Gamification)

Behavior
Change

Social Science | Behavior Science
(Group-efficay, \ | (Transtheoretical Model,

Group-cohesion) ' Self-efficacy)
y

Coaching

Team Management

Figure 2.1: Research Area



2.1. UBIQUITOUS COMPUTING

2.1 Ubiquitous Computing

Around 1988, Mark Weiser advocated “Ubiquitous Computing” [13] which is a con-
cept in computer science research; in the environment, various types of computing de-
vices and systems support human activities everywhere and every time calmly. More-
over, he predicted the major trends in computing will be changed from mainframe
(many people use one computer) to Ubiquitous Computing (one person has and uses

many computers) around 1998 as shown in Figure 2.2.

—Mainframe (one computer, many
16 | people)
—P{C {one person, one computer)

—Uhiquitous Comguting (one
person, IMany computers)

'ISaleéa'Y r I

[u) =
B

1240
1245
1950
1955
1860
1975
1520
1925
1530
1935
2000
2005

Figure 2.2: “The Major Trends in Computing” (Source [14])

Mobile and Wearable Computing (Section 2.1.1), Internet of Things (IoT) (Sec-
tion 2.1.2), Life-logging (Section 2.1.3), and Big Data (Section 2.1.4) are novel paradigms
in the Ubicomp Era. Moore’s law is argued by Gordon E. Moore in 1965. The law de-
fined “The number of transistors on the integrated circit doubles every 24 months.”
Nowadays, the processor performance is improved along with the law. In addition,

a size of storage and network speed also improve exponentially. Based on the evalu-
ated Information and Communications Technology (ICT), our life—style is dramatically

changed from the beginning of computer science like a mainframe computing.

2.1.1 Mobile and Wearable Computer

Currently, smartphones support our daily life by using their rich computing resource on

the device. The devices allow us to access digital information (e.g., e-mailing, phone

7
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calling, and web-browsing) anywhere and anytime. As shown in Figure 2.3, mobile
devices are spread in Japan; 94.8% of people are using mobile phone or PHS. 62.6%
of people are using smartphones, and the percentage is increasing rapidly. Moreover,

over 90% of 20-39 age people use smartphones [15].

Household holding status of main information
communication equipment

100

He— - PC
—- Smart
._—_‘\'\'\’/. Phone
75 —— Mobile
g Phone or
g PHS
'é 50 —h— Tablet-type
:“E_ device
Q
25
0 W
2008 2009 2010 2011 2012 2013

Figure 2.3: Spread of Mobile Phone [16]

Table 2.1 shows specifications of iPhone 7 as an example of a smartphone. The lat-
est smartphones (e.g., iPhone! and Android?>, Windows Phone?) have variety of hard-
ware components for sensing, storing, processing, and communicating modules on the
device. The implemented modules enable to collect and share their daily activities on/-
between the devices. For example, smartphoens have motion—(e.g., accelerometer and
gyroscope, magnetic-field), location—(e.g, Global Positioning System, and compasses,
air-pressure), environmental—(e.g., temperature, and ambient noise, camera) sensors.

Generally, on the device, a user install “Apps” for extending its function from each
App market of each platform (i.e., an iOS device has AppStore, and Android OS has
Play Store). Figure 2.4 shows a sample screenshot of AppStore. iOS users can down-
load any Apps from the store. The market has a variety of Apps such as Games, Ed-
ucation, Photo&Video, Shopping, and Sports. Moreover, the market size (i.e., total
download Apps) is estimated that the market will be expanded double from 2012 (total
26.6 billion Apps) to 2018 (total 56 billion Apps) [17].

Wearable devices’ market (e.g., glasses, wrist, watch, and others) is also estimated

1http ://www.apple.com/iphone/
2ht‘cps ://www.android.com/
Shttps://www.microsoft.com/en-us/windows/view-all?col=phones
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Table 2.1: Specification of iPhone 7

Type Specification

Weight 138¢g
CPU A10 Fusion chip with 64-bit architecture

(Quad-core 2.34 GHz) (ARMvVS8-A)

RAM 2GB

Display 4.7inch

Storage 256 GB

Network Interface LTE

Wifi (802.11 a/b/g/n/ac)
Bluetooth (v4.2, A2DP, LE)
Sensors Camera with 8 Mega Pixels and 4K video

Microphone

GPS
Accelerometer
Gyroscope
Proximity Sensor
Compass
Barometer

that the market will be expected as shown Figure 2.5 and 2.6. Wearable devices (e.g.,
Apple Watch*, Android Wear?, Fitbit®, Jawbone Up’, MicrosoftBand®, E4 wristband’
series) allows to collecting a variety of human activity data in their daily life. For in-
stance, Microsoft Band 2 has GPS, accelerometer, gyroscope, humidity, altimeter, gal-
vanic skin response (GSR), heart-rate, RR interval (RRI), ultraviolet (UV) sensors. By
using the sensors, the device can collect daily activities (e.g., running, walking, biking),
quality of sleep, and stress-levels. In a ubiquitous computing field, SenseCam [19] is a
wearable camera that captures daily record electronically. The camera records still im-
ages automatically, and simultaneously collects row—sensor data which is from built-in
electronic sensors. In addition, Kim et al. [6] analyzed an organizational behavior us-
ing sociometric badges which have multiple sensors (e.g., microphone, accelerometer,
and Bluetooth) and processing, storage modules. In a sport field, instead of optics mo-

tion captures which are expensive and huge, coaches are using wearable sensors for

4http://www.apple.com/watch/
5https://www.android.com/wear/
6https://www.fitbit.com

"https://jawbone.com/up

8ht‘cps ://www.microsoft.com/microsoft-band/en-us
9https 1/ /www.empatica.com/
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Figure 2.4: Screenshot of AppStore on iTunes

measuring their performance and collecting their daily practices. ZEPP'? is a swing
analysis tool which can use for swing sports (e.g., baseball, golf, and tennis.) The sen-
sor analyses swing speed and orbit with only the sensor and a smartphone. Moreover,
in the rugby, soccer, and american football, they are collecting players’ positions and
running speed, running distance by using wearable GPS sensors!!'!2. JINS MEME'?,
a glass type wearable device detects running form by 6-axis (3-axis accelerometer and

3-axis gyroscope) motion sensor data, and reviews runner’s form, speed, and stride.

10
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Wearable device market forecast on Japan
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Figure 2.5: Spread of Wearable Devices in Japan [18]

2.1.2 Internet of Things

Internet of Things (IoT) is yet another trend for sensing technologies in the Ubicomp
era. Figure 2.7 shows a forecast of a number of connected devices to the Internet
from 2009 to 2020. The forecast shows that connected things will be expanded to 260
hundred million devices in 2020 from 9 hundred million devices in 2006. Besides, the
same forecast expressed that the number of smartphone and tablet, PC will be increased
to 73 hundred million devices from 16 million devices. The number of Internet of
Things is estimated that its will be larger than the mobile devices.

As an example of connected things, i—-POT '# is an network connected electric pot
for watching elderly people. The pot reports usage of the pot by the pot’s owner(s)
(i.e., elderly people) to a family who lives in a further place via the internet. The
family can understand the elderly’s life rhythm casually via the Internet. Smart City
Project is an application of IoT. SmartSantander !> project deployed 20,000 sensors
on Santander city, and collect data (e.g., parking status, environmental data, traffic

quantity, location of buses/taxis) from the deployed sensors. Moreover, the data is

Ohttp://www.zepp.com/ja-jp/
http://gpsports.com
Zhttp://www.catapultsports.com/jp/

13ht‘cps ://jins-meme.com/ja/run/

14_POT, ZOJIRUSHI, http: //www.mimamori .net/
Bhttp://www.smartsantander.eu/

11
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Wearable device market forecast on United State
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Figure 2.6: Spread of Wearable Devices in US [18]

provided for application developers, researchers, service providers, and general citizens

for developing new services and/or predicting city events.

2.1.3 Life-logging Technologies

The spread of smart devices (i.e., mobile/wearable devices and IoT) allows collecting
not only object and city context from the sensors but also human’s daily activity easily.
The stored human related data is called Personal data or Lifelog data [21]. A report by

The World Economic Forum ranks the data as follows:

“Personal data is the new oil of the Internet and the new currency of the

digital world [22]”

The data includes Searches History, Calendar Events, Location, Purchases History,
Interests, Social Graph, Contents of Microblog or Social Network Services (SNS),
and Medical History. A report from the Ministry of Internal Affairs and Communica-
tions [21] related that the data has a huge potential to generate new industries, improv-
ing convenience of services, and realization of a safe and secure society.

For example, daily activity loggers on mobile wearable devices such as Moves!'®,

Human'’, or Arugs'® record our daily activities (location, steps, transfer) throughout a

1ohttps://moves-app.com/
l7ht‘cp://human. co/
'Shttps ://www.azumio.com/s/argus/index.html

12



2.1. UBIQUITOUS COMPUTING

(Billion)
30

26 Billion
25

20 A

. /B
o/ ,,
/ 73 illon

> 7

09 8illion -0 Billion
0 =
2009 2020
B Internet of Things (IoT) [ ] PC - Smartphone * Table

Figure 2.7: Improvement of Internet of Things: Forecast of a number of connected
devices to the Internet (Source: [20])

day automatically. Furthermore, the technologies are used as an exercise (e.g., running,
sit-ups, biking) logger such as RunKeeper'®, and Runtastic?, Sit-Ups?!; these applica-
tions collects distance and speed of running, In Ubiquitous Computing research field,
StressSense [23] recognized stress level by using a microphone on off-the-shelf sensor-
enabled mobile phones. Hemminki et al. [24] created accelerometer-based transporta-
tion mode detection system. The system can detect seven transportation modes such
as stationary, walk, bus, train, metro, tram, and car using accelerometer features on a
smartphone. Rooksby et al. [25] collected and visualized participants screen time (i.e.,
device usage time) on a mobile phone (iOS and Android) and personal computers (Mac

and Windows) for increasing productivity and device use, and cutting down on use it.

Yhttps://runkeeper.com
20ht‘cps ://www.runtastic.com/
2lhttps://www.runtastic.com/en/apps/situps
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2.1.4 Big Data

Due to the spread of the powerful and useful devices, IDC [26] which is a market
research organization for mainly Information Technologies estimated that an amount of
digital data in the world will be grown from 130 exabytes to 40,000 exabytes from 2005
to 2020 as shown in Figure 2.8. In 2008, Google has processed more than 20 Petabytes

40,000

30,000

(Exabytes) 20,000

10,000

J
2009 2010 2011 2012 2013 2014 2015 2016 2017 2018 2019 2020

Figure 2.8: Predication of Increasing Amount of Data (Source IDC [26])

in a day [27]. In addition, Facebook [28] showed that a total amount of picture size is
1.5 Petabytes in their database. The different variety of huge stored data is called “Big
Data” and the data influences a wide variety of fields such as recommender system on
electronic commerces [29], social event detection analyzing micro-blog data [30, 31],

and anomaly detection [32].

2.2 Behavior Science: Human Behavior Change

World Health Organization (WHO) reported [33] that the leading global risks for moral-
ity in the world are lifestyle related diseases such as high blood pressure (responsible
for 13% of deaths globally), tobacco use (9%), high blood glucose (6%), physical in-
activity (6%), and overweight and obesity (5%). Moreover, these diseases cause of
raising the risk of chronic diseases such as heart diseases, diabetes, and cancers. Ways

for preventing the risks is to take healthy lifestyles. However, in many cases, the ideal

14
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lifestyle will be not continued for a long term.

Behavior Therapy is a methodology for modifying a current behavior pattern to
an ideal behavior pattern. The methodology is applied to various ideal activities such
as no—smoking support, exercise promotion, and health—care. The effects of interven-
tions for participants are evaluated by changes of target behavior (e.g., time, count, and
amount), and theories from behavior science such as Self-Efficacy [34], and Transthe-
oretical model (TTM) [35].

Behavior change is defined as “changing the behavior pattern with which one was
originally accustomed to a new one [35].” One simple example is a person chang-
ing his/her transportation behavior during his/her commute from “using escalators” to
“using stairs” for his/her health. Prochaska proposed a human behavior change model
called the TTM [35] that classifies the process of behavior change into the five stages
shown in Figure 2.9. This model is broadly used to support various types of health ac-
tivities [34], including quitting smoking [35]. Bandura [34] explained the importance
of self-efficacy in the behavior change stage. An experience of achievement was found

to be the most effective for improving self-efficacy.

5th stage ( Maintenance ) still doing it
1&
4th stage ( Action ) doing it

T

3rd stage ( Preparation ) getting ready to do it

2nd stage (_ Contemplation ) thinking about it

1st stage ( Precontemplation ) not thinking about it

Figure 2.9: Stage Model of Behavior Change

2.3 Social Psychology

In the civilized society, most people live in organized groups such as a school, a com-

pany, a family, a neighborhood association, and a sports team for a long time to help

15
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each other. Aristotle who is a philosopher in the ancient Greek said about human in the

nation as follows;
“The human is a political animal [36].”

In this sense, from B.C.E. to the present, human make groups and lives in the
groups for supporting their activity. The human activity in the social is researched in
the social science and psychology. In the research area, “Team Cohesion” [37, 38]
and “Team Efficacy” [39] are a key theory in which both have a causal relationship
between the value and performance (for achieving their goal) of sports teams. The
theories are thought has a significant effect on team performance. For example, in
1990 Spink [40] investigated a relationship between team—cohesion and team—efficacy
level on a volleyball team. As a result, an elite player showed a high team cohesion
and efficacy, although the recreational team did not show the same phenomenon with
the elite player.

The Team Cohesion theory is defined by Lewin [41]. A concept of the theory in-
dicates “closeness of a group.” For measuring the theory, Yukelson et al. [37] proposed
a questionnaire based scale which has 22 items with four subscales in 1984, and Car-
ron et al. [42] developed a similar scale for measuring the theory. In Japan, Ae [38]
translated and recreated the Yukelson’s questionnaires for Japanese. Table 2.2 shows
the items of the recreated questionnaire which has 19 items with five subscales (i.e.,
friendliness among members, teamwork, attraction, valuable role, and preparation to
their goal). Moreover, each item is answered using seven scales (1: Totally Different —
7: Totally Agree), and a high point means the group or the team have a high ream cohe-
sion. As a result of their evaluation, they showed that the statistics of the questionnaire
is consistent with a concept of the theory.

Bandura [39] proposed collective—efficacy as well as self-efficacy in 1978. In the
sports psychology researches, the concept of the theory is defined as “A belief about
competence for their goal which sharing within team members.” by Nagao at el. [43]
The theory in other related researches is called “group efficacy [44]” and “team effi-
cacy [45].” However, each name is used for same meaning with Bandura’s definition.
Therefore, we call the theory as Team Efficacy in this thesis. Previous researches
suggest that team efficacy has a significant relationship between the theory and per-
formance of teams. The group efficacy was measured in American Football [46],
Rugby [47], and Basketball [48] teams, and previous researches suggested that en-

hancing the team efficacy promotes team performance. For measuring the team ef-
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ficacy, Short et al. [49] developed and validated the Collective Efficacy Questionnaire
for Sports (CEQS). In Japan, Nagao [50] developed Japanese Collective Efficacy Ques-
tionnaire for Sport (JCEQS) based on the CEQS, and validated JCEQS. As shown in
Figure 2.10, JCEQS has 10 items, and each item is answered by 10 scales (1: Not com-
pletely confident — 5: Neither — 10: Very confident).

The Japanese Collective Efficacy Questionnaire for Sports: JCEQS

For each question, how much do you think the team you belong to in the next game
will be "able to do"? Please circle the most applicable number from 0 to 10.

£ -

= E

EE] 5 &

= £ e

: "2

= g

g g

1. Our team can demonstrate our abilities. 0 1 2 3 4 5 6 7 8 9 {10
2. Our team can overcome various obstacles that happen to the team. 0 1 2 3 4 5 6 1 8 9 10
3. Our team can do good plays more than other teams. 0 1 2 3 4 5 6 1 8 9 {10
4. Our team can solve problems. 0 1 2 3) 4 5] 6 1 8 9 i 10
5. Our team can always be positive. 0 1 2 3 4 5 6 7 8 9 110
6. Our team can make good strategies. 0 1 2 3 14 5 6 7 8 9 110
1. Even if there is pressure, our team can playas usual. 0 1 203 1415 16171819110
8. Our team can play without spare effort. 0 1 2 3 14 5 6 7 8 9 110
9. Our team can good plays even if the environment is not best. | 0 1 2 30415 6 7 819 {10
10. Our team can get enough communication always. 0 1 2 03 4 6 6 78 :09:10

Figure 2.10: The Japanese Collective Efficacy Questionnaire for Sports: JCEQS
(Source [50]) (Japanese version is attached on Appendix A)

In the addition, social psychology researches for the group behavior analytics in-
vestigate relationships between the value of survey (i.e., “Team Cohesion” and “Team
Efficacy”) and the teams’ performance with static experiment; in their methodology,
they collect participants’ conditions at the beginning and end of a study as well as free
text survey and interviews. Finally, they observe events and analyze phenomena in the

team.

2.4 Summary

This section described research backgrounds of team-level behavior changes research

from viewpoints of Ubiquitous Computing (Section 2.1), Behavior Science (Section 2.2),

17
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and Social Psychology (Section 2.3).

o The spread of smartphones, wearable devices, and IoT technologies allows col-
lecting various types activities in our daily life; besides, amount and kinds of

collective data will be expanded rapidly in the Ubicomp Era (see Section 2.1).

e More than 90% of people whose ages are 20—40 has a smartphone in Japan.
Therefore, nowadays, the foundation of mobile and wearable computing makes
opportunities for accessing the Internet in anywhere and anytime. Moreover, it

has huge potential to generate new market and change our life more conveniently.

e Behavior Therapy is a methodology for modifying a current behavior pattern to
an ideal behavior pattern by interventions. The methodology is applied to various
ideal activities such as no-smoking support, exercise promotion, and health-care.

Besides, the research establishes a theory for the instance TTM (see section 2.2).

e In the current civilized society, most people live in organized groups for a long
time to help each other. Moreover, social sociology has a long history to develop
methodologies for measuring human activities in organized groups and gener-
ating theories (e.g., Team—Cohesion and Team—Efficacy) of human activity by

observations (see Section 2.3).
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Table 2.2: An Instrument of Measure Cohesiveness in Sport Team (Source: [38])
(Japanese version is attached on Appendix B)

Subscales Question  Question
Number
Friendliness 1. I feel friendship with our team and I am satisfied with it.
among members 2. There are lots of troubles within our team, and we can not
get along with each other.
3. I think that team members in our team is intimate.
4. Even outside team activities, members are doing great
with each other.
5. I think the relationship between the members is good.
6. Team members have strong colleague consciousness with
each other.
7. I like human relations within our team.
Teamwork 8. Communication between team members is few.
9. Even if we lost a game, our team is solidly gathered.
10. Our team demonstrates great teamwork in a game.
11. All members are aware of their role within the team.
Attraction 12. I think that our team can be put together for winning a
game.
13. Your contribution to your role and team is well recog-
nized by the members.
Valuable role 14. Your role and contribution to the team are well recog-
nized by the coaching staff.
15. I feel that being a team member is very valuable.
Preparation 16. I am very proud of being a member of the current team.
to their goal 17. I think that current coaching method is good.
18. I am given enough information which is required for a
game from coaches.
19. I think the information is fully understood and well-
trained for a game.
Norm 20. I think that skipping practice should not be allowed.
21. To rest a practice is unaboidable, and it should be al-

lowed.
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Chapter 3

Related Works

This chapter describes related works of Team—Level Behavior Change researches us-
ing information technologies. First, Section 3.1 shows related researches for promot-
ing human behavior change using Information Technologies as intervention methods.
Second, attempts of promoting group— and community— level behavior change are ex-
plained in Second 3.2. Finally, Section 3.3 express crowd behavior sensing technolo-

gies using the spread mobile devices.
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3.1. INDIVIDUAL-LEVEL INTERVENTION

3.1 Individual-level Intervention

In the Ubiquitous computing and Human Computer Interaction (HCI), Behavior Sci-
ence, and Social Science, there is rich histories behavior change. As shown in Fig-
ure 3.2 which is a report by Hekler [51], in the last 10 years, behavior change related
researches are increased dramatically in HCI research community. Most of these re-
searches focus on individual-level behaviors change such as diet [52, 53] and exer-
cise [54, 55, 56], sustainable water usage [7], time management [57, 25]. Moreover,
these researches used Persuasive Computing [58] and/or Gamification [59, 60] tech-
nologies for enhancing, promoting, and modifying the activities. Figure 3.1 shows an

overview of system process to enhancing human behavior using the technologies.

[ Processing]
Data analytics for
predicting activities

[Sensing]
Activity sensing by using
mobile/wearable devices
(e.g., steps, sleep quality,
exercise, meal, stress level..
etc)

[Actuation]
Feedback or sharing the
storaged data to users
(Gamification, Persuasive)

O 4 g

Figure 3.1: Intervention Overview of Individual-level Behavior Change Research

The concept of persuasive computing [58] for enhancing human behavior changes
with the use of information technology has been extensively studied and the research
outputs have been utilized in a wide variety of real-world products and services. “Gam-
ification” [61, 59, 60] is developed in persuasive computing researches and known to

be effective for promoting human behavior change [54, 57, 56].

9 <

This framework comprises of several techniques, such as “competition,” “collabo-

99 < <

ration,” “score,” “ranking,” “value sharing,

99 ¢

award” and “level up.” Health promotion
applications and web services with wearable devices, for example, Fitbit products!,
Nike+ Fuelband?, and Jawbone UP3, have already introduced those techniques such as

9 <

“score,” “award,” “value sharing” and “ranking” into their functionalities.

'Fitbit One (http://www.fitbit.com/jp/one)
2NIKE+ FuelBand SE (http://www.nike.com/jp/ja-jp/c/nikeplus- fuelband)
3JAWBONE UP (https://jawbone . com/up)
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Prominence of Behavior Change Research in
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Figure 3.2: Prominence of Behavior Change Research in the Last 10 Years of CHI
Proceedings (Source [51])

3.2 Group-level Intervention

In recent years, the research of individual behavior change is moving to group— or
community—level intervention as shown in Figure 3.3.

With the spread of mobile/wearable devices, numerous research has been con-
ducted exploring behavior change in groups such as friends [9, 62], school class-
mates [1], and laboratory members [8, 5]. Within these systems, gamification tech-
niques are used to change the behavior of a “community.” However, the studies have
not considered combinations of intervention (i.e., Gamification, Persuasive Computing,
and Information Sharing) techniques.

For example, Consolvo et al. [9] examined the influence of physical activity by
step—count sharing using simple competition techniques in a female community. The
result of their study suggested that using a “simple competition technique” is effective
for behavior change in a community of female friends. The American Horsepower
Challenge (AHPC) [1], a pedometer-based pervasive health game for the middle—
school students ©° community in the United States, was also utilized in a study. The

aim of that study was to increase daily physical activity (i.e., steps) to prevent obe-
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sity. The AHPC was used as a competition technique for schools. The study showed
that the participants’ physical activity levels increased during the challenge. More-
over, Aharony et al. [12] tackled data—driven social science with high—quality multi—
dimensional datasets, and executed structured experimental interventions in the real
world for understanding and measuring social mechanisms, called Social fMRI. In their
research, their collects over 25 different types of data (e.g., GPS signal and proximity
to nearby Bluetooth devices, WiFi access point ID, accelerometer, call histories, SMS
logs etc) from smartphones. In addition to the data collection and social interaction
analysis, in their research, they tried intervention for enhancing participants human
activity level from viewpoints of social support effects. Among research laboratory
members, Fish’n’Steps [8] investigated the impact on their behavior (i.e., daily steps)
change and social influences by using gamification system which is shared their steps
as a transformation of virtual pets’ shapes. In their research, they created a virtual
pet system for visualizing participants steps abstractly; The pet is evolved by partici-
pants’ number of steps. Additionally, they compared the system between individual—
and group—condition; In the group condition, participants can check the other mem-
bers progress and team-ranking (i.e. “healthiest” ranking.) As a result, they described
that the effects of the intervention for behavior change depend on the current physical
activity level of a participant and their satisfaction with it, their motivation to change
it. However, they only observed a group behavior using an intervention method. In the
other word, they had not compared differences between combinations of intervention

methods and groups yet.

Individual Group-level Team-level
Behavior Change Behavior Change Behavior Change

Figure 3.3: The transition from Individual-level to Group— and Team—Level Behavior
Change Research
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3.3 Social Behavior Analytics with Mobile Devices

Human-subject researches in Ubicomp and HCI collect participants’ activities by using
the spread mobile devices and analyze/predict various human activities [12, 63, 64, 6]
individually or collectively. For example, Rachuri et al. [65] developed a mobile sens-
ing platform for social psychology studies based on mobile phone, called Emotion
Sensor. Their developed system can detect individual emotions, verbal and proximity
interactions between social group members from the sensors (e.g., Microphone and
GPS, Accelerometer) on off-the-shelf smartphones. Similarly, StudentLife [63] mea-
sured hidden stress and strain of student life from data from smartphones. Especially,
they focused on detecting a day—to—day and week—-by—week impact of workload on
stress, sleep, activity, mood, sociability, mental well-being and academic performance.
In the SmartGPA [64], by using the data—set of StudentLife, Wang et al., predicted aca-
demic performance of participants.

Mobile crowd sensing (MCS) tools, application, and platform are developed for
supporting those researches [66, 67, 68, 69, 70, 71]. Google Form [66] and Sur-
veyMonkey [67] are powerful web—based survey services (i.e., Experience Sampling
Methods (ESM)) which is used tons of human subject researches. However, the plat-
forms do not support to send surveys any time. PACO (The Personal Analytics Com-
panion) [68] is a mobile application for ESM. On the application, researchers can make
scheduled and event—based ESMs. Nevertheless, the platform can not collect hardware
sensor data (e.g., accelerometer, and ambient noise, location) flexibly. Denzile et al.
developed AWARE Framework [69] which can collect hardware (e.g., accelerometer,
GPS, and air-pressure)— and software (e.g., battery, screen, and network)—, human-
based—(e.g., ESM, keyboard, and microphone) data using mobile client. In the addition,
AWARE allows to handle (i.e., sending ESM remotely and setting sensing frequency,
turn—on/off sensors) their large—scale human subject study easily and remotely, flexibly
through a web dashboard.

According to a market research?, Android has 71.94% market share, and iOS has
18.89%; in the other word, both two major OS are covering over 90% of mobile OS
in the world as shown in Figure 3.4. Interestingly, in Japan and some countries (e.g.,
Canada and United State, United Kingdom), iOS’s marker share is bigger or almost
same than Android. For example in Japan, iOS has 72.45% to Andorid’s 26.43% in

December 2016 as shown in Figure 3.5.

“http://gs.statcounter.com/
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Figure 3.4: Worldwide Market Share of Mobile Operating Systems

Generally, application support on cross-platform (i.e., working on iOS and An-
droid, Windows phone) is high development and management cost for MCS researchers
because they have to learn programming languages such as Java and Objective-C,
Swift. Haoyi et al developed Sensus [70] which is also an MCS Platform. The platform
is built on top of the Xamarin platform 3 (i.e., one of the cross—platform development
platform) then programmers can expand the mobile client and use native libraries on
each operating system using only C#. Moreover, on the Sensus, researchers make a
sensing protocol and ESM contents schedules on Sensus mobile client and distribute it
via email.

Experience Sampling Methods (ESM) and Ecological Momentary Assessment (EMA)
(i.e., survey) are research methodologies for collecting examinees’ momentary assess-
ment [72, 73, 74, 75]. Participants who are enrolled a study record temporal think-
ing and their feeling in the moment to memo or digital devices. Generally, the tech-
niques are used for sampling methods for human-related data (e.g., stress-level, social-
pressure, sleep quality.) For example, in StudentLife [63], they are recording partic-
ipants’ states (e.g., stress, mood) using well-known mental scale based EMA (e.g.,
PHQ-9, perceived stress, flourishing, and loneliness scales) during their study as an
evidence data on their Android Application. Moreover, the latest ESM technologies on
mobile device support not only periodical asking (i.e., sending a survey periodically)

but also context-based (i.e., a sending a survey when a phone call is ended) and ran-

5https ://www.xamarin.com/
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domize (i.e., sending a survey at randomly shifted time from a certain time) asking.

However, their researches did not tackle group— or team—level behavior change.

3.4 Summary

In this section, we introduced the history of human behavior change research in Ubiq-

uitous computing and HCI research community.

o The spread of smartphones, wearable devices, and sensor technology allows col-
lecting various types activities in our daily life; besides, amount and kinds of

collective data will be expanded suddenly.

e By using spread and high—performed smartphone, Ubiquitous Computing and
HCI researches tackled evidence—based social activity sensing and analyzing
without intervention which called MCS. At once, they developed useful tools

and platform for MCS researches.

o In the same way, using mobile/wearable devices, the researchers investigated ef-
fects of intervention techniques (i.e., Persuasive and Gamification) for an individual-

and group-level behavior change.

e However, they only observed a group behavior using an intervention method.
In the other word, they had not compared differences between combinations of

intervention methods and groups yet.
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Chapter 4

Team-Level Behavior Change

This chapter shows the importance of team-level behavior change research, and an
approach to solve the research question.

First of all, our target team and goal are defined in Section 4.1. Based on the def-
inition, Section 4.2 expresses a research question of team—level behavior change from
relationships between related works. In Section 4.3, we propose Team—level Behav-
ior Change Cycle (TBC—-Cycle) which is a concept for enhancing teal-level behavior
change using information sharing in a team, as a solution for solving the question. The
cycle consist of three principal elements: (1) the goal of a team, (2) intervention meth-
ods, and (3) team performance indicator, and also, the role of each element in TBC—
Cycle is expressed in Section 4.3.1, 4.3.2, and 4.3.3 respectively. Finally, Section 4.4

illustrates use—cases of TBC-Cycle.
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4.1. DEFINITION OF TEAM

4.1 Definition of Team

This section defines a target group (i.e., team) from a classification of groups (i.e.,
circle, community, organization, and team) as shown in Figure 4.1, and classifies the
goals in the target group into two types (i.e., final-goal and sub—goal).

In the social psychology, a “Group” is defined a social group which is constructed
from multiple people, and also, a group has the following characteristics severally. The
group exists throughout a period of time, and the group members share their common
goals and can help mutually. Goals in a team can be classified broadly into two types:
“final-goal” and “sub goal for achieving the final goal (sub—goal).” A final-goal is a
big team goal which will be achieved by long—term effort of team members. “7o win
a championship” is an example of a final-goal. However, the achievement of the goal
is uncontrolable because the goal is influenced by external factors such as opponents,
weather condition, and body physical/mental condition. The sub—goal is a measurable
and shorter-term goal to achieve the final-goal. “conduct sit—up 100 times every day,”
“response a questionnaire within three hours.” and “take a sleep during 7 hours” are
examples of the sub—goal.

Figure 4.1 classifies the groups by community, circle, team, and organization; the
vertical axis indicates the concreteness of their shared final-goal, whereas the horizon-
tal axis indicates the scales of group. From the categorized groups, this dissertation
focuses on “Team” as a target group. In Oxford Dictionaries [76], a team was defined
that “a group of players forming one side in a competitive game or sport.” Based on
the definition, a team is defined that a collection of people who share an obvious
final-goal and who work together to achieve the final-goal in this dissertation. In
this sense, a sports team, a working team in a company, a project team in a research
laboratory are teams.

Conversely, a group of people with “a shared final-goal is ambiguous (e.g., To live
a healthy life)” or with “NO contribution to achieve their goal” is a circle. For exam-
ple, existing researches focus on communities such as classrooms [1] and a community
of friends [9], which are both different target team defined in this dissertation. Fur-
thermore, group members whose have a common final-goal without acquainted with
all members, is an “Organization” such as company and school. Moreover, “Commu-
nity” shares a final-goal weakly between members in addition to acquainted with all

members (e.g., a local resident and a group on Social Networking Services like Face-
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book! and/or Google+?2). Both the groups (i.e., Organization and Community) are also
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Figure 4.1: Classification of Groups

4.2 Motivation: Position of Team-level Behavior Change
Research

Table 4.1 shows supported types of interventions and target group/person in the related
works. In the types of intervention, the Individual type includes generating an award,
level—up, and/or story techniques of gamification. Composite type means that it is a
combined intervention method with competition and collaboration. In addition, check—
mark (v') means that the type of intervention is supported in the system or server.
Table 4.1 summarizes existing studies and products on individual [52, 54, 56, 7,
57, 25], community [77, 78], circle [79, 9, 1], and organization [12, 8, 5]-level based
behavior change. For example, community—level behavior change, EverySpo! [77]
is a number of steps sharing service in instant groups; if a team achieves a mission
which is from operating company, they can obtain a real coupon. Moreover, the partic-
ipated teams can compare their total steps among other teams for promoting motivation
community—level. In addition, Nike+ Run Club app [78] provides social ranking about

total running distance during a week/month/year to enhance users’ motivation. As an

I'Facebook (https://www.facebook.com/)
2Google+ (https://plus.google.com/
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example of circle-level behavior change, Runtastic [79] provides a ranking function
among selected friends for empowering their running motivation. In addition to the
services, as an example of HCI research approach, Houston [9] examined effects of
difference between competitive— and individual- intervention in a group which is com-
posed of female friends. However, the research examined only circle type group and
compared effectivenesses between competitive and individual intervention. Similarly,
the organization—level researches [12, 8, 5] investigate effectivenesses of group—level
intervention (i.e., information sharing in a group) in each organization. However, the
participants include non—team members in their experiments. Therefore, it is not clear
if such techniques for individual human behavior work effectively when they are ap-

plied to behavior change of teams.

Table 4.1: Position of Team—level Behavior Change Research among Existing Behav-
ior Change Researches and Services

Types of intervention
- = & o
< =] = =
E5E 3
Research Target é % _§ g
= 8 g 3
Diet [52] Individual v
Ubifit [54] Individual v
Glanceable Feedback [56] Individual v
Water Usage [7] Individual v
Application Usage [57] Individual v
O Screen Time [25] Individual v
EverySpo! [77] Community | vv vV v
Nike+ Run Club app [78] | Community | v
Runtastic [79] Circle v v
Houston [9] Circle v v
AHPC [1] Circle v o v
Social fMRI [12] Organization | v v
Fish’n’Steps [8] Organization | v vV
Efstratiou et al. [5] Organization | v v

Moreover, in teams, the content to be shared among the team members, use of be-
havior change promotion techniques including “collaboration” and “competition,” as
well as several fundamental properties of the team, such as the “goal of the team,” are
considered to have an influence on the team’s behavior changes. Efstratiou et al. [5]

constructed a web application that detects daily activities in their laboratory using small
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sensors and microphones, and used it to share activity information among laboratory
members with the “competition” technique. Subsequently, they received exciting feed-
back such as, “What was thought not to work by other member was unpleasant.” How-
ever, it is doubtful whether using the competition technique, such as simple ranking for
encouraging behavior change, is effective for the whole team in terms of changing their
behavior. Moreover, in their study, they only investigated the psychological influence
of lifelog sharing on the team. Investigating the influence of lifelog sharing techniques

is a major research challenge that is yet to be addressed.

4.3 Approach: TBC-Cycle

This section explains TBC-Cycle (Figure 4.3) as a research approach for enhancing
team—level behavior change using information sharing in teams. A principal research
approach to enhancing the individual-level behavior change has been studied in the
Individual-level Behavior Change Cycle (IBC-Cycle) as shown in Figure 4.2. In the
IBC—Cycle, first, a user decides a goal for behavior change. Second, the user or system
selects intervention methods such as lifelog—data and feedback methods, for enhancing
the selected goal. Finally, the user reviewing the effectiveness of interventions for next
cycle to polish the intervention.

In this dissertation, we apply the cycle to team-level behavior change. The team
has multiple members in a team, so that the elements of each step are different between
TBC-Cycle and IBC-Cycle. Deciding a goal is described in Section 4.3.1 and Sec-
tion 4.3.2 illustrates selecting parameters for team—level behavior change. Section 4.3.3
shows about Team Performance Indicator (TPI) for measuring the effectiveness of in-

terventions.

4.3.1 Goalsin Team

As described in Section 4.2, teams have various granularity goals (i.e., final- and sub—
goal). In this dissertation, we focus on enhancing team—level sub—goal achievements.

o«

“Conduct sit—up 100 times every day,” “response a questionnaire within three hours.”
and “get 7 hours of sleep” are examples of the sub—goal. This dissertation assumes
that an accumulation of achieving sub—goal increase their possibility for achieving their
final-goal.

As shown in Case-1 to -3 of Step-2 in Figure 4.3, direction of enhancement can
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IBC-Cycle
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Figure 4.3: Structure of TBC-Cycle

be possible to think multiple ways: “Improving all members basic skill (Case—1),” “En-
hancing a member’s performance (Case—2),” and “Control the members’ activities(Case—

3).” From the cases, this dissertation addresses the case—1.

4.3.2 Information Sharing Models

In this section, we propose six lifelog sharing models for team behavior change pro-
motion based on combinations of collaboration and competition. The competition and
collaboration techniques are widely used by existing system and services as one of the
important techniques for human behavior change. Similarly, it is assumed that the
techniques influence the promotion of team behavior change.

Figure 4.4 shows the proposed lifelog sharing models. A black disk represents a

team member while a dotted line oval represents a team. Two arrows facing each other
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signify competition between team members or teams while back-to-back arrows signify
collaboration between teams. Further, Table 4.2 shows the elements of each lifelog
sharing model. There are five types of elements: individual activity, total activity of
own team, individual member’s activity of the same team, total activity of other teams,
and individual member’s activity of other teams. In the table, “visible” signifies that
the target of the lifelog sharing model has visible elements. For example, model iCL
has elements of own activity and total activity of own team.

Competitive teams usually avoid making their own rivals stronger so that they may
not like sharing sensitive information (like the current performance of each user) with
the other teams. Therefore, to promote overall team performance, we assumed that of
the proposed models (iCL+eCP and iCLCP+eCP) belong to the same team.

The definition of each of these models is given in detail below.

Table 4.2: Elements of each lifelog sharing model

Information Own Total Each member’s Total activity Each member’s
Sharing activity  activity of activity of of activity of
Model own team  the same team other teams other teams

IND visible - - - -
iCL visible visible - - -
iCP visible - visible - -
iCLCP visible visible visible - -
iCL+eCP visible visible - visible -
iCLCP+eCP visible visible visible visible visible
Individual Model (/ND)

The IND model is shown in Figure 4.5. The aim of this model is achievement of
each member’s own goal. Figure 4.6 is an example visualizing method by using the
model. With this model, each user can access the lifelog of his/her own activities. No
lifelog exchange occurs between members. Therefore, in IND, the pressure from other
team members is lower than that of other models that include colleague lifelog sharing
techniques such as collaboration and competition. Because IND has no promotional
elements, it is assumed that the amount of activity is lower than other lifelog sharing

models.
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Figure 4.5: IND: Concept of Individual
Model Figure 4.6: Example of IND

Internal Collaboration Model (iCL)

The iCL model is shown in Figure 4.7. The aim of this model is to encourage collabo-

ration between team members, given by a common goal (the total amount of activity by
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the team). Figure 4.8 is an example visualizing method by using the model With this
model, each team member can access the lifelog of his/her own activities, as well as the
total (summated) amount of activity achieved by all team members. Knowing the total
amount of activity encourages team members to achieve the team goal. This model
does not provide team members’ individual activity lifelog such as the daily activity.
Therefore, the level of discomfort with lifelog sharing is lower than that with a model
that uses simple competition techniques with team members. However, this model
shares team members’ activity information as total team activity, and so the pressure of

lifelog sharing is greater than that of IND.

Total Activity of Team-B

600
450
e TTTTTTTTT L - 300
el H NI
4 1
N N . B . ’ 0
Sl =T - Team-B
------- . team-B
Figure 4.7: iCL: Concept of Internal
Collaboration Model Figure 4.8: Example of iCL

Internal Competition Model (iCP)

The iCP model is shown in Figure 4.9. The aim of this model is to encourage com-
petition among team members. Figure 4.10 is an example visualizing method using
the model. With this model, each team member can access the lifelog on his/her own
amount of activity, as well as those of other individual members of the same team. The
total amount of activity achieved by all team members is not shared. The iCP model
provides all team members’ daily activities, and so this model promotes competition
among members. Moreover, it is assumed that the amount of activity is greater than
that of iCL as a result of the increased stimulus from sharing lifelogs. On the other
hand, all members will know the least active member, which makes the discomfort

from this model greater than that of iCL.

Internal Collaboration and Competition Model (iCLCP)

The iCLCP model is shown in Figure 4.11. This model is a combination of iCL and

iCP. With this model, all members’ individual amount of activity, as well as the total
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amount of activity of the team, is shared among team members. Figure 4.12 is an exam-
ple visualizing method by using the model Using two concepts from iCL and iCP at the
same time, the amount of contribution by individual team members becomes more ob-
vious towards the achievement of the team goal. Because the amount of pressure from
other members is greater than the iCL and iCP models used in isolation, the amount
of activity from each individual member should experience a boost. In addition, it is

considered that the total amount of activity of the team will be increased.
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Figure 4.11: iCLCP: Internal Collabo-
ration and Competition Model Figure 4.12: Example of iCLCP
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Internal Collaboration and External Competition Model (iCL+e¢CP)

The iCL+eCP model is shown in Figure 4.13. This model is a combination of iCL and
competition between multiple teams, which is called external competition. Figure 4.14
is an example visualizing method by using the model The aim of this model is to
encourage competition among teams by visualizing each team’s total activity. Each
team member can access the lifelog of his/her own activity, the total amount of activity
achieved by the team that he/she belongs to, and the total amount of activity achieved
by competing teams. This model has a clear goal of “Winning the opposing team”:
thus, team members try to achieve a better total team activity amount collaboratively
to compete with other teams. Competition among members of the same team does not

occur because this model does not share the activity of individual team members.
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Figure 4.13: iCL+eCP: Internal Col- . .
laboration and External Competition
Model Figure 4.14: Example of iCL+eCP

Internal Collaboration, Competition and External Competition Model (iCLCP+e¢CP)

The iCLCP+eCP model is shown in Figure 4.15. This model is a combination of
iCLCP and competition between multiple teams. Figure 4.16 is an example visualizing
method by using the model The aim of this model is to encourage competition among
team members, as well as competition among multiple teams, with collaboration be-

tween team members occurring simultaneously. With this model, each team member
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can access all types of information, such as information on his/her own activity, the
activity of other individual team members, the total amount of activity achieved by the
team he/she belongs to, and the total amount of activity achieved by competing teams.
As with the iCL+eCP model, team members try to contribute to the total team activity
collaboratively in a competitive situation with other teams. However, this model may
also simultaneously lead to competition within the team because the activity of indi-
vidual team members is shared. Because there are two types of competitions in this

model, the amount of pressure on each member is greater than in the iCL+eCP model.
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Figure 4.15: iCLCP+eCP: Internal
Collaboration, Competition and Exter-
nal COmpetition Model Figure 4.16: Example of iCLCP+eCP

4.3.3 TPI: Team Performance Indicator

We define team-level behavior change as “the increased amount of total score of a
team with lifelog sharing compared to a team with no lifelog sharing.”

In this study, team-level behavior change comprises four elements:

e Team Performance : TP
o Comfort Level of Information Sharing : CL
e Team-Efficacy Level: TE

e Team—Cohesion Level: TC
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T P: Team Performance

TP is calculated from the total score of all team members, as shown in formula (4.1),
where IP(i,t) denotes the individual performance (/P) of team member i at time ¢.
Therefore, we say that the team-level behavior change is promoted, when the value of

formula (4.2) is greater than O:
TP(n, 1) = Z PG, 1) .1
i=1

TP(n,new) — TP(n,old) > 0 “4.2)

CL: Comfort Level of Information Sharing

CL is the comfort level of team members with lifelog sharing. It is calculated from
a questionnaire regarding how comfortable a person feels using the system, as shown
in formula (4.3).

Deterioration of CL leads to a bad influence from long—term usage. Maintenance
of CL is therefore important. Participants answer the questions using a 5-point Lik-
ert scale (5-Strongly Agree, 4-Somewhat Agree, 3-Neutral, 2-Somewhat Disagree, 1-
Strongly Disagree). The value of CLis 1 < CL < 5. A larger value for CL signifies a

higher level of satisfaction.

CL(, 1) = ) (06, 1) 4.3)
i=1
(CL(n,new) — CL(n,0ld)) > 0 “4.4)

T E:Team-Efficacy Level

“Team Efficacy” [39] is a well-known theory which has a causal relationship between
the value and group performance. Bandura [39] proposed collective—efficacy as well as
self—efficacy in 1978. In the sports psychology researches, the concept of the theory is
defined “A belief about competence for their goal which sharing within team members.”
by Nagao at el. [43].

For measuring the Team Efficacy, this dissertation uses the Japanese Collective Ef-
ficacy Questionnaire for Sports (JCEQS) [50] which developed is based on Bandura’s

concept of group efficacy. For measuring the team efficacy, Short et al. [49] developed
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4.3. APPROACH: TBC-CYCLE

and validated the Collective Efficacy Questionnaire for Sports (CEQS). In Japan, Na-
gao [50] developed the Japanese Collective Efficacy Quastionnaire for Sport (JCEQS)
based on the CEQS, and validated JCEQS. Table JCEQS has 10 items (TE~1 to —10),
and each item is answered by 10 scales (1: Not completely confident — 5: Neither
— 10: Very confident). Table 4.3 shows sample questions of the questionnaire. The

“[—]” is modified by each team goal.

Table 4.3: Questionnaires about Team—Efficacy Level (Japanese version is attached as
Appendix C)
# Question

TE-1  Our team can demonstrate our abilities.

TE-2  Our team can overcome various obstacles that happen to the team.

TE-3  Our team can do [—] more than other teams.

TE-4  Our team can solve problems.

TE-5  Our team can always be positive.

TE-6  Our team can make good strategies.

TE-7  Even if there is pressure, our team can [—] as usual.

TE-8  Our team can [—] without spare effort.

TE-9  Our team can do [—] even if the environment is not best.

TE-10  Our team can get enough communication always.

T C:Team—Cohesion Level

“Team Cohesion” theory, which is defined by Lewin [41], also is a well-known theory
for measuring a group performance. A concept of the theory indicates “closeness of a
group.” For measuring the theory, Yukelson et al. [37] proposed a questionnaire based
scale which has 22 items with four subscales in 1984, and Carron et al. [42] developed
a similar scale for measuring the theory. In Japan, Ae [38] translated and recreated
the Yukelson’s questionnaires for Japanese. Table 4.4 shows the items of the sample
questionnaire based on the existing questionnaire based on Ae [38], which has 19 items
with five subscales (i.e., friendliness among members, teamwork, attraction, valuable
role, and preparation to their goal). Moreover, each item is answered using seven
scales (1: Totally Different — 7: Tottaly Agree), and a high point means the group or

team have a high team cohesion. The “[—]” is modified by each team goal.
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Table 4.4: Questionnaires about Team—Cohesion Level (Japanese version is attached
as Appendix D)

# Question

TC-1 I feel friendship with our team and I am satisfied with it.

TC-2  There are lots of troubles within our team, and we can not get along with each other.
TC-3 I think that team members in our team is intimate.

TC-4  Even outside team activities, members are doing great with each other.

TC-5 I think the relationship between the members is good.

TC-6  Team members have strong colleague consciousness with each other.

TC-7  1like human relations within our team.

TC-8 Communication between team members is few.

TC-9  Even if the state of [—] is bad, the team is solidly gathered.

TC-10 My team demonstrates great teamwork for [—].

TC-11  All members are aware of their role within the team.

TC-12 I think that our team can be put together for [—].

TC-13  Your contribution to your role and team is well recognized by the members.
TC-14  Your role and contribution to the team are well recognized by the coaching staff.
TC-15 TIfeel that being a team member is very valuable.

TC-16 Iam very proud of being a member of the current team.

TC-17 1 think that the feedback method of [—] is good.

TC-18 Iam given enough information which is required for [—] from the system.
TC-19 Ithink [—] is fully understood and well-trained for [—].

4.4 Use-cases of TBC Models

This section describes use cases of Team-level Behavior Change Models. As concrete
examples, we illustrate two use case for TBC—Model as following: Section 4.4.1 shows

use—case (1), and use—case (2) is described in Section 4.4.2.

e (1) Enhancing Team-level Exercise Behavior Change

e (2) Enhancing Team-level Self-report Activity

4.4.1 Use-case: Enhancing Team—Level Exercise Behavior Change

Figure 4.17 shows an overview of enhancing team—level self—report activity. A sports
team (e.g., baseball team) in a university recommends to do sit-ups for promoting injury
and enhancing physical performance, however, they are counting and seeing only their
own data now. As a goal of team-level behavior change, a coach think to increase the

number of sit-ups of all members. By using the TBC-Model, the Sapplication Platform
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shares their number of sit-ups (i.e., performance) to all of the members. Increasing the

total number of sit-ups means that team—level behavior change is occurred.

Member-D

100/day
q h Member-C

Member-A

Member-B

Member-A

Before After
Team Total = 80/day Team Total = 500/day

Figure 4.17: Overview of Exercise Behavior Change

4.4.2 Use-case: Enhancing Team-Level Self-report Activity

Figure 4.18 shows an overview of use—case of enhancing team—level self—report activ-
ity.

A sports team in a university is collecting players physical and mental data ev-
ery morning for preventing serious injury and scheduling effective training program.
Collecting the condition data quickly and immediately without human assistance that
reduce a burden of data collection by coaches, and allow to change training and practice
menu flexibly based on the players’ condition data.

In the case of Figure 4.18, the average response time is +140 min from scheduled
time (i.e., 8 AM). The total response time becomes shorter than before, means that a

short time behavior change occurs.

4.5 Summary

The summary of the main contents in this section follows:

o A team is defined as a group that “sharing a common goal” and “contributing to

achieving that goal” in Section 4.1.
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Sharing progress of self-condition check
Response a self-condition check questionary with TBC Model for
questionary manually at scheduled time enhancing response time

Qestionary Service

Qestionary Service

pemeebeeoncdoceeoNeoio bl ooy Sharing other members
“A and B has answered! H ,
Cand D, Please answer it! progress

Member-D
+100 min

Member-D
+20 min

Member-B
+140 min

Member-B
+10min

Member-C
Member-A +160 min
+160 min

Member-A
+50 min

Before After

Team Average = +140 min from 8AM Team Average = +30 min from 8AM

Figure 4.18: Overview of Self-report Activity Behavior Change

o TBC-Cycle is a research approach for enhancing team-level behavior change us-
ing information sharing in a team, and also the cycle is composed of three ele-
ments: Information Sharing Model (i.e., lifelog data, number of members, and
six—types of data sharing methods which is based on competition and collabo-
ration method (IND, iCL, iCP, iCLCP, iCL+eCP, and iCLCP+eCP)), four eval-
uation elements (i.e., Team Total Performance and Comfortable Level, Team—
Efficacy, Team—Cohesion), and Goals (i.e., Sub Goal).

e Goals in a team can be classified broadly into two types: “final-goal” and “sub—
goal.” Especially, in this dissertation, we focus on enhancing the sub—goal by
using TBC-Cycle.

o Finally, Section 4.4 describes two concrete examples of use—case of Team-Level
Behavior Change Model: 1) Enhancing Team-Level Exercise Behavior Change

and 2) Enhancing Team—Level Self-Report Activity.
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Chapter 5

Sapplication Platform

This section describes a system design and implementation of Sapplication Platform.
For constructing TBC-Cycle, large scale and long—term investigations are required in
real teams. As a first step due to the investigate, we designed and implemented a plat-
form called Sapplication Platform for applying and evaluating a team—level behavior

change models to any team.
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5.1 System Design

For large scale and long—term human—behavioral science, Hekler et al.[51] mentioned
possibilities in HCI researches methods such as daily using the platform and big data
(i.e., Evidence Activity Data), personalization using Machine Learning Technologies,
semi— and/or automated—-mobile human sensing technologies. In the other word, a
platform which can be used in their daily activity and collect daily activity stress less
is a powerful sensing and intervening, evaluating tools for deep human and team—level
behavior change evaluation.

For realizing the platform, we propose Sapplication Platform. Sapplication is a
coinage with “Supplement” and “Application;” On the platform, it provides an appli-
cation (i.e., information) as a supplement for enhancing human behavior. As a very
similar concept, Information Medicine was proposed by Nakashima [11]. However,
the concept mainly focused on recovery a patient’s condition to normal condition from
bad condition. On the other hound, a goal of Sapplication is to enhance normal or good
condition people to a more good condition by using information.

On the Sapplication Platform, researchers and users can execute following opera-

tions.

e Member management functions
o Applying sharing models and life-log data to optional teams

o Collecting evidence data

Figure 5.1 shows a procedure of platform usage. At first, 1) each user make an
account on Sapplication Platform, and install a client application for intervention(see
Figure 5.4). 2) At second, a master user makes team on platform’s dashboard (Fig-
ure 5.3), and invites members from member management page as shown in Figure 5.3.
3) At third, a master user makes a Sappliment by Sapplication Maker (Figure 5.9.) 4)
Finally, team members upload their activity data to Sapplication Platform, and the plat-
form provides filtered information to members; which filtering depends on the applied

Sappliment.

5.2 Implementation of Sapplication Platform

In this section, we describe system implementation of Sapplication Platform which

is satisfied requirements (See Section 5.1. Figure 5.2 shows system architecture of
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Sapplication Platform

Activity Storina Module |+ Sappliment Management | Sappliment Generation
Activity Storing Module Module Module

13 ) )

@ Always members @) Provide filtered
upload their activity information

(using information sharing

@ Mak ppli t
@ Check results ake a Sapplimen

activity data information
of the intervention sharing model team (members)
schedules ... etc

data to server models)

¢

team members manager/researcher

Figure 5.1: Concept of Sapplication

Sapplication Platform. The platform is composed three modules: User Management
Module(see Section 5.2.1) and Sappliment Management Module(see Section 5.2.3),
User Data Collecting and Intervening Module(see 5.2.2).

Remme"m;ggslj Sapplication Database (MongoDB)
| uploaded data stored dat—— e v 4 iment and team members.
e 4 u .
Sapplication | § \ "¢ Data Insert Module B m Sappliment Managet Module (Python & PHP)
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historical query for iment's
historical : team
| 1t Data Upload Module| data data Information information
query for exporting remote/
stored dmf ‘ stored data local push v
— notificatio Visualizer Sapplication Team
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- (SQLite) ulil f ~®, Module
answers - -
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/nomicaﬁo,, H _ team members
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'
v - | " 4
Members Team Manager/Researcher

Figure 5.2: System Architecture of Sapplication Platform

The sever—side modules (i.e., User and Sappliment Management modules) on the
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5.2. IMPLEMENTATION OF SAPPLICATION PLATFORM

platform is composed of HTML and JavaScript, PHP, Python. In the addition, the
mobile client-side (i.e., User Data Collecting and Intervening Management Module) is

composed by Objective-C.

5.2.1 User Management Module

User Management Module allows to managing team members and internal-teams in a
team. Figure 5.3 shows the team member management page. On the page, a member
can make own teams, and after making a team, the user will be a master user of the

team. In the owner team, a master user can add/remove users to own team, and select

9% ¢ ELINNTS

a user role from “master” or “manager,” “member.” “master” access and change the
all of the information in the team as an administrator. “manager” user can execute
destructive operations such as “add/remove new users” and “make a new suppliment.”
“member” can access to own information only. Optionally, “master” and “manager”

users can make any internal teams for splinting interventions.

5.2.2 User Data Collecting Module

AWARE Framework [69] is mobile sensing framework for CMS researches, and also
it is used in varies researches [80, 81]. Moreover, the framework can collect hardware
(e.g., Accelerometer and GPS, Air-pressure)— and software (e.g., Battery and Screen,
Network)—, human-based— (e.g., ESM and Keyboard, Microphone) data using mobile
client. Table 5.1 shows supported sensors on the AWARE Framework iOS and Android.

In the addition to these default sensors, the framework allows for adding original
plugins extensibility. However, the framework supports only Android. As we described
in Section 3.3, in Japan, 72.45% of people are using iOS mobile phones. Therefore,
for enabling more large scale evaluation and making more opportunities, we developed
AWARE client iOS on his framework. Figure 5.4 is a screenshot of AWARE client
i0OS. The client is developed as a native iOS application by using Objective-C. The app
can collect almost the same sensor data as the AWARE Android client (Table 5.1 shows
supported sensor list on i0S client compare with Android.) and also, it is possible to
manage by AWARE dashboard.
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Category Sensor/Event Data Android | iO0S
Accelerometer o o
Linear Accelerometer o o
Gravity o o
Movement Gyroscope ° °
Magnetometer o o
Locations o o
Activity Recognition o o
Rotation o o
Social Media Google Login © ©
Communication Phone Call © °
SMS Messages o X
Weather (Web API) o o
Barometer o o
Environment Temperature © X
Ambient Noise o ©
Light o X
Battery o o
Bluetooth 0o 0
Cell tower binding o x
Screen on/off o o
WiFi (WLAN BSSID) o o
Device/Network Installations o X
Network o o
Processor o o
Proximity o o
Timezone o o
User ESM (Mobile Survey) o o

Table 5.1: Supported sensors on AWARE Framework [69]
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(=)

=

eae® < m ® & life-cloud.ht.sfc keio.ac.jp

Team
Sample Team | [eCLERCEY]
Member List
Name Account Position Grade Inner Team Role
Dummy dummy@ht.sfc.keio.ac.jp P-B G2 A master
Ol Yuuki Nishi L .com P-B G-2 A master
O Yuuki uki8boy@yahoo.co.jp P-A G-2 A master
@ Hello hello@ht.sfc.keio.ac.jp P-B G2 A master

Update u Refresh Ping Mobile GPS CSV Export = Excel Export

Create New Team
‘Team Name

Sample Team Name

Create a New Team

Your Teams
#  Team Name Count of Member Created Controller
0 Sample Team 4 Wed May 06 2015 14:39:47 GMT+0900 (JST)
1 test 3 Thu May 07 2015 12:59:24 GMT-+0200 (JST)

Create New Inner-Team
Inner Team Name

Sample Inner Team Name

Create a New Inner Team

Figure 5.3: Screenshot of Team Manager

Researchers can release the client via AppStore! or install the client to iOS smart-
phone from Xcode?. AWARE Client iOS is an open source project. All of the develop-

ers are able to use it from GitHub under Apache License Version—2.

1https ://itunes.apple.com/fi/app/aware-client-ios/id10659784127mt=8
’https://itunes.apple.com/jp/app/xcode/id4977998357mt=12
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AWARE Device ID

AWARE Study

Study and sy

MOTT Server

LU

Accelerometer

Accelerat

Barometer

Battery
E‘.\_‘”f'. B0 Dy vl

Figure 5.4: Screenshot of AWARE Client i0S

Figure 5.5 and Figure 5.6 show system architectures of iOS and Android AWARE
client. i0OS client is designed and implemented same structure with Android. Due to
limitations on 10S, the iOS client can not communicate between third party applica-
tions except for applications which are developed by the same developer; then all of
the plugins are implemented on iOS. Table 5.2 shows application release methods for
iOS platform. For third—party developers who want to release their plugin, they have
three ways to deploy it to participants. As a first way, if participants for their study is
little (i.e., between 1 and 10 people,) the researcher can deploy AWARE client iOS via
Xcode directly as a development application; this method is the speediest and easiest

way to release it. Releasing AWARE client as an AdHoc application is a second way

50



5.2. IMPLEMENTATION OF SAPPLICATION PLATFORM

for experiment between 10 and 100 participants. iOS can compile as an AdHoc appli-
cation on the Xcode. By using the app, you can release the app via web services such as
a Flight® or DeployGate*. However, normal iOS developer account has a limitation for
releasing the app for 100 devices and device registration is required. Using External—
Tester function on TestFight, the apps can release to participants without the limitation
with review by Apple during 60 days; the review takes 1-3 days. Using the Apple
Developer Enterprise Program which is high—end iOS developer account and required
$299 per year and a corporation, developers can release the app without the limitation
and the apple’s review. The third way is to release the app on AppStore; participants
download the app from AppStore. In a study that has over 100 participants, releasing
the app via AppStore is the easiest way to release and update the app to participants.

However, it needs 1-7 days for a review by Apple.

™ AWARE server
@4 Dashboard

8 Databases - MySQL
Other JSON over
2]

server

Google Cloud & App Engine

T Q JSON over HTTPS Amazon EC

Platforms & Push Notification Microsoft Azure

Devices

7 Observers

N\ Broadcasts
Database - TextFile or SQLite

- = Sensing \/\' Analysis
W Hardware

2 Software 4— Sensor T Plugin
& Human AWARE

Figure 5.5: System Architecture of AWARE Client i0S

Figure 5.7 shows a system architecture of iOS ESM. If the iOS ESM is allowed
on AWARE Dashboard, the sensor gets an ESM configuration from a selected server.
Basically, the ESM sensor on AWARE client iOS uses the same ESM configuration
(JSON format.) with AWARE client Android. Tutorial for making the ESMs are on
following URLs 56 After downloaded the configuration file, iOS ESM sends ESMs

3https ://developer.apple.com/testflight/

“https://deploygate.com/

5\http ://www.awareframework .com/development-esms-on-aware-client-ios/
6http ://www.awareframework.com/schedule-esms-for-aware-ios-client/
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Figure 5.6: System Architecture of AWARE Client Android[69]

Table 5.2: Methods for Application Release on iOS platform

UUID Deploy Apple’s Estimated Account  Software
Method Registration Platform Review Review Time Fee Update
AppStore NO AppStore YES 1-7 days 99% Automatic
or Manual
DeployGate YES DeployGate NO immediate 99% Manual
(AdHoc)
TestFlight YES TestFlight NO Immediate 99% Manual
(Internal-Tester)
TestFlight NO TestFlight YES 1-7 days 99% Manual
(External-Tester)
Apple Developer NO URL NO Immediate 299% Manual
Enterprise Program

based on the scheduled time.

AWARE Client iOS supports scheduled ESM function namely i0OS ESM. As shown
in Figure 5.8, 10S ESM has an ability to generate seven(7) types of ESMs such as (Free-
Text(1),Radio-Button(2), Checkbox(3), Likert-Scale(4), Quick-Answer(5), Scale(6),

DateTime-Picker(7)) which are same as the ESM function on Android client with trig-

gered at certain time.
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Figure 5.8: Supported ESMs

5.2.3 Sappliment Management Module

Sappliment Management Module allows making any Sappliment based on the stored
activity data in the Sapplication Platform. Figure 5.9 illustrated a screenshot of the
module. On the module, to make a Sappliment, team manager can select “informa-

ELINT3

tion sharing model,” “target inner—team(s),” “term,” and “activity data for information
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sharing” on the dashboard.
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Figure 5.9: Screenshot of Sapplication Maker

First, a manager selects a type of information sharing model to make a new Sappli-
ment. There is six selectable types (i.e., IND, iCL, iCP, iCLP, iCL+eCP, iCLCP+eCP)
which is defined in Section 4. Second, the manager set a target inner—team(s) for
the Sappliment. The inner—team(s) is made on the Team Management Module that is
described on Section 5.2.1. A case of iCL+eCP and iCL+eCLCP model have to as-
sign two teams because the model needs an enemy team for a team—level competition.
Third, a term of the Sappliment (=team—level intervention) is set with start and end
date. Finally, the manager selects activity data for information sharing from the stored

data in the Sapplication Platform. As an option, the manager set a time to share the
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information via push-based notification function 7 on the mobile client if the manager

needs to extend the Sappliment.

5.2.4 Data Visualization Module

This section describes data visualization modules on Sapplication Platform. The plat-
form has two types of visualizations for manager and member which are set by team
member management module. Figure 5.10 illustrates a screenshot of data viewer for
a manager in a team. Moreover, Figure 5.11 shows a screenshot of data viewer for a
team member.

The viewer for a team manager (Figure 5.10) provides team members information
if the team members allow for accessing the data. As an example, a bar chart in Fig-
ure 5.10 shows a response count of ESMs in a day, and the each color in a bar shows
types of answers. Team members can check the total ESM answers immediately.

On the other hand, a viewer for a tea member (Figure 5.11) provide only own data
which is stored on the Sapplication Platform. In other words, the viewer does not
provides other members information without Sappliment. In the case of Figure 5.11,
the viewer provides own number of steps, number of exercises, moving distance a day,

skin temperature, GSR, Heart Rate, and weather information around the member.

5.3 Procedure of Platform Usage

This section describes a procedure of Sapplication Platform. There is two types of users
on the platform: Manager (which includes coaches, staff, and researcher) or Member.

The platform is used by following eight steps:
1. Manager makes an account on the platform.
2. Member makes a new team on the platform.

3. Members make their account and share their user name or email address to the

team manager (Section 5.2.1).

4. Manager adds the account to the created team. (Section 5.2.1).

7A Programing Guide for Apple Push Notification service (APNs): https: //developer.apple.com/
library/content/documentation/NetworkingInternet/Conceptual /RemoteNotificationsPG/
APNSOverview.html#//apple_ref/doc/uid/TP40008194-CH8-SW1
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Table
Date 1 2 3 4 5 6 7
1 2016/09/05 0 0 3 4 15 15 7
2 2016/09/06 0 0 3 9 28 32 15
3 2016/09/07 0 1 7 19 1 19 7
4 2016/09/08 0 2 3 18 23 16 1
5 2016/09/09 0 0 3 13 15 32 13
6 2016/09/10 0 0 0 19 26 19 15
7 2016/09/11 0 0 6 17 18 17 1
8 2016/09/12 0 0 0 4 12 18 12
9 2016/09/13 0 0 1 12 20 19 1
10 2016/09/14 0 0 2 15 17 14 8
11 2016/09/15 0 0 2 8 8 21 10
12 2016/09/16 0 0 1 6 10 17 5
13 2016/09/17 0 0 3 12 20 14 9
14 2016/09/18 0 1 1 10 10 9 10
15 2016/09/19 0 0 2 7 1 9 5
16 2016/09/20 0 1 1 8 17 1 6
17 2016/09/21 0 0 1 10 18 12 6

Figure 5.10: Screenshot of Data Visualization Module for Manager
. Manager makes sub—teams and allocates the members to the sub—teams. (Sec-
tion 5.2.1).

. Manager makes a Sppliment and applies it to each sub—teams for enhancing

team—level behavior. (Section 5.2.3)

. Members check the other members activities or own activities through character-

istics of the applied Sappliment.

. Manager checks the effects of the Sappliment via the data visualization viewer
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Figure 5.11: Screenshot of Data Visualization Module for Member

(Section 5.2.4).

5.4 Summary

This section describes the system design and implementation of Sapplication Platform
for long—term and large—scale intervention to a real team. The key contents of this

section is below:

o Sapplication Platform uses information as a supplement for enhancing behavior

change.

o Sapplication Platform is designed for large scale and long term intervention

study with multiple intervention based on the concept of CMS research.
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e Sapplication Platform is composed of “User Management” and “User Data

Collecting and Intervening,” “Sappliment Management” Module.

e As a mobile client, we develop AWARE client iOS as an open source software.
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Chapter 6

Exercise Study: Promoting
Team-level Exercise Behavior
Change

This chapter describes a first study for measuring effectiveness of information sharing
models in a baseball team and a research group. For measuring it, we develop a plugin
called “Aaron2” for counting and sharing exercises activity among team members on
Sapplication Platform, and conducts an in—the—-wild user study with 64 participants
over a period of three weeks.

First, Section 6.1 shows a target team—level behavior change in this study. A study
procedure is described in Section 6.2. Third, Section 6.3 indicates result of the study.

Finally, based on result of the study, Section 6.4 discusses the exercise study.
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6.1 Target Team-level Behavior Change

The goal given to the participants was to increase their sit-up count. We designed
the experiment to establish the differences in the effect of the six kinds of proposed
lifelog sharing models. Increasing the number of sit-ups is important for the health of
all the team members. For example, sit-ups are effective for preventing backache, and
strengthening the abdominal muscle leads to improved sports performance.

Further, in this evaluation, our target teams were “existing teams,” which differ
from “instant teams” that are gathered by public offering. In “instant teams,” human
relationships are not sufficiently fully formed. In our evaluation, we focused on the
“existing teams” because they already have comprise relationships formed between

members.

6.1.1 Schedule of Information Sharing

Aaron2! is a web application, created for both the iOS and Android platforms, which
counts and tabulates users’ daily exercise activities. For example, with Aaron2, a user
can count up his/her exercise, such as number of sit-ups, push-ups, or squats, and share
with other team members.

To evaluate our proposed lifelog sharing models, Aaron2 was given the capability
of to use one of the models selectively for each user. From the user’s viewpoint, accord-
ing to the configured model, different types of lifelog data, such as their activity record
or another member’s record, could be displayed on the screen. Aaron2 is designed as a
simple framework to enumerate the various activities on actual users’ devices in a sim-
ilar way. In addition, this enumerate framework has the possibility of miss alignment
between real speed and counting speed. However, this is possible with all users. Thus,
in this sense, Aaron2 can disregard the miss alignment possibility.

Figure 6.1 shows the process of interaction between an user and Aaron2. Firstly, in
1) and 2), the user login to Aaron2 using his/her mobile phone. At the same time, 3)
and 4), Aaron2 shows other members’ activities based on the selected lifelog sharing
model. Secondly, 5)-7), during the exercise session, Aaron2 generates beeping sounds
at regular intervals so that the user can perform their exercise by following the sounds,
as shown in Figure 6.2. In addition, in this experiment, we setup one training set as

30 sit-ups. At the end of the training set, 8) and 9), Aaron2 automatically or manually

' Aaron2 (http://life-cloud.ht.sfc.keio.ac.jp/~tetujin/aaron2/)
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stops the beeping sound and enumerates the user’s activities. The user can also use
Aaron? to assist with his/her exercise multiple times in one day. Finally, 10) and 11),

Aaron2 shows other members’ activities based on the assigned lifelog sharing model.

Member X Aaron2
1) Login to the Aaron2 user information 2) Authentication
4) Look at t t bers’ activit .
m)engé’eé’ :;ricities eam members scy 3) Show team members’ activities

ith h lifel hari |
5) Push the start button start flag with each lifelog sharing models

beep sounds 6) Start counting

7) Do Sit-ups [
stop flagand
8) Push the stop button total number of activity | g) Stop counting and
team members’ activity user” s aclivities
11) Look at team < 10) Show team members’ activities
members’ activities v v with each lifelog sharing models

Figure 6.1: Process of interaction between an user and Aaron2

—

Figure 6.2: Usage example of Aaron2 in the user study

6.1.2 Used Information Sharing Models

This application comprises a Top Page (Figure 6.1.2), Application Page (Figure 6.1.2),
Settings Page, and Activity Page (Figure 6.4). Top Page manages login information
and displays the team activities goals, such as the number of sit-ups to be achieved by

the team. Application Page provides functionality of exercise activity counter. When
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6.1. TARGET TEAM-LEVEL BEHAVIOR CHANGE

a user pushes a red button at the center of the screen, Aaron2 starts counting. When
the user pushes the red button again, Aaron2 stops counting and uploads the activity
record to the server. In Setting Page, users can set up the type of beeping sound, the
sound interval, and the maximum sound count of a single set by themselves. Users can
configure their exercise according to their own performance and condition. Activity
Page shares other team members’ activity count based on a proposed lifelog sharing
models configured to the user respectively. Figure 6.4 shows the information displayed
on the Activity Page for each of six sharing models.

We used jQuery Mobile 1.1 [82] for user interface framework and the Google Chart
Tools [83] for the chart.

eeeee SoftBank T 0:42 9 % 58% M) [ eeeee SoftBank F 0:43

) Top Page

Activity

« Mission 6
PN
“

Figure 6.3: Screenshots of Top Page and Application Page in Aaron2

6.1.3 Team and Model Configuration

We focused on the Keio University Baseball Club (hereinafter referred as the baseball
team) and the computer science laboratory at Keio University (hereinafter referred as
the laboratory team) as target team for our first experiment.

The baseball team 2 is one of the historical baseball team in Japan. The team

was established in 1888 as the first generation of a baseball club in Japan (Japanese

2http://baseball .sfc.keio.ac.jp/
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baseball history is started from 1884.). Moreover, the team is one of the strong baseball
clubs which has won the college championship six times in Japan and produced lots of
professional baseball players. Due to promoting their baseball skills, they have “six—
days practice” and “one—day rest” in a week during baseball season (February to June
and August to December), and live in their dormitory with all team members.

The baseball team and laboratory team consist of 32 male members respectively.
These members were chosen from the original team members (the baseball team had
147 members, and laboratory had 52 members) who agreed to this experiment. The av-
erage age of laboratory team members was 24.45, and that of baseball team members
was 19.63. Further, the laboratory team comprised 20 bachelor students, six master’s
students, three Ph.D. students, and three young staff members (in their thirties). The
baseball team comprised 32 bachelor students. Moreover, the laboratory team mem-
bers’ average of sports experience at sports team was 5.62 years and that of the baseball
team members’ was 11.18 years.

The aim of this experiment was to investigate the effect of the six types of proposed
information sharing models. Therefore, we created fixed eight groups comprising four
persons each group (A) to (H) for each team, with team members. Each team was
assigned one of the six kinds of lifelog sharing models as shown in Table 6.1. Since
the iCL-eCP and iCLCP-eCP models require opposing opponent teams, we assigned

two teams to those models.

Table 6.1: Correspondence of Each Group and Information Sharing Models

Information Sharing Models Laboratory Baseball Club

IND Lab-A Baseball-A

iCL Lab-B Baseball-B

iCP Lab-C Baseball-C

iCLCP Lab-D Baseball-D
iCL+eCP Lab-E.,F Baseball-E,F
iCLCP+eCP Lab-G,H Baseball-G,H

6.1.4 Dataset

As a dataset for an evaluation, this study collects following data:
TP Number of sit-ups by each member

CL Comfortable level from questionnaire
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The participants answered the questions using a 5-point Likert scale (5-Strongly
Agree, 4-Somewhat Agree, 3-Neutral, 2-Somewhat Disagree, 1-Strongly Disagree).
The survey comprised the four questions as shown in Table 6.2. The participants had
to answer Questions 1, 2, and 3 using the 5-point Likert scale, and Question 4 using
free description. Question 1 was, “How do you feel about activity sharing using the ap-
plication?” and Question 2 was, “Do you want to use this application continuously?”.
Questions 1 and 2 relate to discomfort with information sharing. Question 3 was, “Do
you feel pressure from other members?” This question relates to pressure from team
members. Question 4 was, “Please write about an impressive event witnessed during

the evaluation”. The user study was conducted from December 6th to 27th in 2013.

Table 6.2: Questionnaires about Level of Comfort Using the System

Questionnaire  Question

Number
Q-1 How do you feel about activity sharing using the application?
(very uncomfortable - uncomfortable - normal - comfortable - very comfortable)
) Do you want to use this application continuously?
(strongly no - no - normal - yes - strongly yes)
Q-3 Do you feel pressure from other members?

(strongly yes - yes - normal - no - strongly no)
Q4 Please write about an impressive event observed during the evaluation.
(free description)

6.2 Experimental Procedure

Figure 6.5 illustrates a study procedure of the exercise study.

On the first day, we held a meeting with all participants. At this meeting, we in-
troduced them to the user study, usage of the Aaron2 application, and the group con-
figuration. We gave a questionnaire to each participant inquiring about his/her goal for
number of daily sit-ups. We also collected signed consent letters from all participants.

The user study started on the same day for all 64 participants. During the study
period, each participant utilized his/her iOS or Android smartphones for the to use
Aaron2. The participants were required to open Aaron2 at least once per day, and they
were able to use it as often as they desired. Offline information exchange on exercise
performance across groups and teams was prohibited.

At the end of three weeks, on the final day, we conducted another survey of all of
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the participants on the usability of Aaron2.

6.3 Results

In this section, we describe and consider the results of inspection of team total perfor-

mance (T P) and the comfort level of lifelog sharing (CL).

6.3.1 Influence on Team Total Performance

This subsection describes and considers the results of 7P. Figures 6.6 and 6.7 show
the number of sit-ups achieved by each team in the eight groups. In the figures, the
vertical axis signifies the cumulative number of sit-ups and the horizontal axis signifies
the dates of the experiment. The values at the end of the horizontal axis are the total
number of sit-ups achieved by each team in this experiment.

Based on the results above, our analysis showed several significant differences be-

tween the six proposed models.

IND as the baseline

All models with information sharing model between users (iCL, iCP, iCLCP, iCL+eCP
and iCLCP+eCP) outperformed IND, the model without any lifelog sharing. In par-
ticular, the iCL+eCP model had 588% better result than the IND model. Further, the
average value of all models other than IND had a 324 % better result than the IND.
Based on the fact that the IND model is actually equivalent to the individual behavior
change, this result implies that team-based behavior change is clearly more effective

than individual-based behavior change.

Competition elements

The models with “competition” element, such as iCP, iCLCP, iCL+eCP, and iCLCP+eCP,
showed better results than the iCL model. This indicates that use of internal collabo-
ration solely is not effective and with use of some additional “competition” elements,

either iCP or eCP, can be expected to reveal even better performance.

Number of lifelog sharing techniques

The iCLCP+eCP model, which has the largest number of lifelog sharing techniques

shared among teams and team members, did not reveal the best result and actually
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underperformed compared to other models with fewer lifelog sharing techniques (iCL,
iCP, iCLCP, iCL+eCP). This implies that the performance of team behavior change is

not subject to the number of lifelog sharing techniques to be shared.

Comparing two “external competition’ models

Comparing two “external competition (eCP)”” models, iCL+eCP and iCLCP+eCP, the
iCL+eCP model without “internal competition” element performed better. Figure 6.8
shows detailed user-by-user comparison between two models. The standard devia-
tion of iCL+eCP (459.71) was much larger than that of iCLCP+eCP (190.67). In the
iCLCP+eCP model, individual team members could access to the activity data of other
team members. Thus, with the effect of internal competition in a team, all team mem-
bers are considered to have made the exercise effort more evenly than the members of
the iCL+eCP model, where internal competition does not occur.

Moreover, we compared and analyzed weekly changes in the amount of activity
between two models (iCL+eCP and iCLCP+eCP). Figures 6.9 and 6.10 show the
weekly standard deviation of iCL+eCP and iCLCP+eCP. The standard deviation of
iCL+eCP decreased in the first to the third week. Furthermore, the standard deviation
of iCLCP+eCP did not change in the first two weeks. However, in the second to the

third week, the standard deviation of iCL+eCP was decreased.

Team goal and task setting

As shown in Figures 6.6 and 6.7, the T P of six groups of the Baseball Team (excluding
Baseball-A (IND) and Baseball-B (iCL)) is higher than the T P of all the groups in the
Laboratory Team. All teams used the same lifelog sharing models for each groups,
but the T'Ps of the baseball and laboratory teams were different. This result indicates
that the types of tasks are important for promoting team behavior change. In this ex-
periment, we used real teams to promote “Sit-up activity.” In the goal of the baseball
team, sit-up was meaningful activity such as to “preventing injury,” “improvement of
sport skill,” and “improvement of body balance.” Therefore, the difference between
“baseball team” and “laboratory team” was due to the difference between “team goal”

and “task.” In other words, using the task of closely related team goal is effective for

promoting team behavior change.
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Sustainable behavior change

Table 6.3 shows the result of weekly change in 7' P for the baseball team. It is clear from
Table 6.3 that iCLCP almost maintains their 7 P over the three-week period. However,
the values of most models’ TP decrease sharply in the third week. For the baseball
team, in particular, the value of TP in IND and iCP is zero in the third week.

As a result, in the case of a simple task such as “sit-up,” TP shows the possibil-
ity of being maintained during the multi-week period. On the other hand, using the
proposed models proves effective for team-level behavior change for only two weeks.
To realize sustainable team-level behavior change, lifelog sharing models need to use
other individual behavior change techniques (e.g., “ranking,” “reward,” “notification”)

that motivate users.

Table 6.3: Weekly TP of each lifelog sharing models in baseball team

Lifelog sharing I1st week  2nd week 3rd week Total
model

IND 352 (1) 118 (0.34) 0(0) 470

iCL 260 (1) 285 (1.1) 170 (0.65) 715

iCP 795 (1) 647 (0.81) 0(0) 1142

iCLCP 325 (1) 372 (1.14) 314 (0.97) 1011

iCL+eCP 943 (1)  859(0.91) 403.5(0.43) 2205.5
iCLCP+eCP  5555(1) 444.5(0.8) 151.5(027) 1151.5

6.3.2 Influence on Comfort Level

Table 6.4 shows the result of the questionnaire given to the baseball team. Further,
Table 6.5 shows that impressive episodes (Q4) came from the participants during ex-

periments. These episodes are written in the original text.

Table 6.4: Result of questionnaires given to baseball team
Lifelog Sharing Model (team) Q1 Q2 Q3 CL

IND O Baseball-A[l 275 225 425 3.08
iCL U Baseball-BOJ 350 325 275 3.17
iCP [0 Baseball-CO 325 325 325 3.25
iCLCP 0 Baseball-DO 350 350 3.00 3.50

iCL+eCP U Baseball-E&FO 3.00 3.00 425 342
iCLCP+eCP 0 baseball-G&HO 275 275 3.13 2.88
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Table 6.5: Impressive episodes for participants

Lifelog Sharing Impressive episodes for participants (Q4)
Model
Positive feedback Negative feedback
IND “My motivation was improved by | “I gave up periodic sit-up activi-
the system” ties after I had concentrated over
a particular short term.”
iCL No impressive episodes “I felt that keep doing sit-ups is
very hard.”
iCp “I came to enjoy by using this sys- | “I could barely achieve the re-
tem.” quired number of sit-ups.”
“I could not see the sit-up counts
of other members. So, I felt that 1
had to do more sit-ups.”
“One day, I did over 600 sit-ups
and felt happy and fulfilled be-
cause other team members were
very surprised. ”
iCLCP No impressive episodes “I did close to 1000 sit-ups, and
felt a tension in my neck as a re-
sult.”
“My motivation decreased when
other members did not do enough
sit-ups.”
iCL+eCP “I need more team feeling as com- | No impressive episodes
pulsion.”
“When I opened the application, 1
felt I had to do the sit-ups.”
iCLCP+eCP “I enjoyed the competition withmy | “I felt pressure from other mem-
teammates very much.” bers.”
“When I didn’ t do sit-ups and oth-
ers did, I felt very uncomfortable.”

CL and iCLCP values are higher than those of iCL+eCP, iCP, iCL, IND, and
iCLCP+eCP. In Question 1 and 2 — the questions about discomfort with lifelog shar-
ing — Baseball-A (IND) and Baseball-G (iCLCP+eCP) replied it with a value less than

2.75.
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No lifelog sharing

Some participants of the /ND model had positive opinions. On the other hand, some
other members had negative opinions and gave up on sit-up activities. These phenom-
ena are not seen in the lifelog sharing models that use competition and collaboration
techniques (iCL, iCP, iCLCP, iCL+eCP, iCLCP+eCP). These results suggest that ab-

sence of lifelog sharing leads to reduced sustainable application use motivation.
Member of IND: “My motivation was improved by using this system!”

Member of IND: “I gave up periodic sit-up activity after I had only concen-

trated over a particular short term.”

Social Pressure of excessive lifelog sharing

Sustainable motivation similarly declined with iCLCP+eCP techniques comprising in-
ternal and external competition and collaboration lifelog sharing techniques. In the
questionnaire about impressive episodes for iCLCP+eCP, one participant had the pos-
itive opinion shown below. Conversely, other members of iCLCP+eCP had negative
opinions ( also shown below). These results indicate that using excessive competi-
tion is detrimental to the promotion of team behavior change, because using excessive

competition elements lead to high social pressure.

Member of iCLCP+eCP: “I enjoyed the competition with my teammates very

much.”
Member of iCLCP+eCP: “I felt pressure from other members.”

Member of iCLCP+eCP: “When I didn’t do sit-ups and others did, I felt very

uncomfortable.”

Competition between teams

Question 3 was able the pressure that a user felt from other members. The results for
Baseball-A (IND), Baseball-E (iCL+e¢CP), and Baseball-F (iCL+eCP) showed more
than four points. Further, from the following impressive episodes, iCL+eCP had posi-
tive opinions about competition between teams. The social pressure of iCL+eCP was
lower than other lifelog sharing models. In this sense, participants’ behavior change in

iCL+eCP was not a passive behavior change but an active behavior change. Further,
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considering TP, iCL+eCP was the best most for promoting activity. Thus, in the case
of using a lifelog sharing model for competitive teams such as a baseball team, the

element “competition element between teams” is very effective.
Member of iCL+eCP: “I need more team feeling by compulsion.”

Member of iCL+eCP: “When I opened the application, I felt that I had to do
the sit-ups.”

6.4 Discussion

In this section, we discuss problems and associated future work.

6.4.1 Team Design

Group activities change depending on roles [84], such as readers, observers, and coaches.
Moreover, differences in gender and culture result in important research questions. In
this study, participants did not have clear roles. Furthermore, all participants were men
from Japan.

Different roles, genders, and cultures may have a different impact on the lifelog
sharing models that are ideal for the team. Therefore, mixed roles and human type

evaluations are necessary in future work.

6.4.2 Characteristics of Each Information Sharing Model

The results show that each model has “weak points” and “strong points.” Thus, each
lifelog sharing techniques should be used in accordance with a team’s needs and situa-
tions. For example, of the six models, the iCLCP+eCP model has the highest T P value
and the lowest CL value. Thus, using iCLCP+eCP to promote only TP (no CL) could

be desirable.

6.4.3 Long-Term Experiments and Analysis

In these experiments, we used the application for three weeks, and evaluated the effect
of each lifelog sharing models for team behavior change using 7P and CL.
However, these evaluations of models for promoting team behavior change are defi-

cient as experimental terms and evaluation methods. Construction of definitive models
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is needed for long-term evaluations such as “Comparisons of each model’s effect before
and after” and “Daily and monthly term analysis.”

In addition, the introduction of novel technologies has been known to garner sub-
stantial interest for a short time then wane over time. Figure 6.11 shows that the daily
active user rate decreased with time. The average active user rates throughout the user
study period were 44.35% (baseball club) and 38.84% (laboratory). Moreover, partic-
ipants had commented such as “I often forgot to access to the application; therefore 1
did not do any sit-ups.”.

The decrease in the daily active user rate is considered to lead to a reduction in
the promotion of team behavior change in the long term. Existing individual behavior

ELINTS

change techniques (e.g., “ranking,” “reward,” “notification”) have been shown to be
useful in improving and maintaining the daily active user rate. These techniques can
be used simultaneously with lifelog sharing models at the same time. For example,
one of the functions based on gamification, such as setting an individual weekly goal
and reward system, could be ideal. In future works, comparison with existing behavior

change techniques needs to be carried out.

6.4.4 Constructing a Platform to Promote Team Behavior Change

In this experiment, we proposed six types of lifelog sharing models and analyzed the
effect of each on teams. However, our ultimate goal is actually the construction of
a team behavior change model that utilizes various types of elements. In our future
works, we will construct a platform that promotes team behavior change and combines
various types of lifelog data, 2) teams, and 3) behavior change promotion techniques

9 ¢

which include existing techniques (e.g., “ranking,” “reward,” and “notification”) and
approaches[1, 85]. We will also construct team behavior change promotion models
and conduct long-term evaluations with more and various types of teams using that
platform. Further, one of our future research directions is to explore more techniques

for behavior change, such as social networking competitions.

6.5 Summary

In this section, we described an experiment (namely Exercise Study) for measuring in-
fluence on information sharing (i.e., IND, iCL, iCP, iCLCP, iCL+eCP, and iCLCP+eCP)

for team-level exercise behavior change with a baseball-team and a research laboratory
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team in a university. In this study, the Sapplication Platform shares the progress of other
members amount of sit-up activities among team members, and also we analyzed the
effect of the information sharing models.

The key contents of this section are below:

o We used six different types of lifelog sharing models (i.e., IND, iCL, iCP, iCLCP,
iCL+eCP, and iCLCP+eCP) for increasing their number of sit-ups (exercise) as

a sub—goal in this study.

o For measuring it, we developed a plugin namely “Aaron2” for counting and shar-

ing exercises activity among team members on Sapplication Platform.

e As a first study for measuring the effectiveness of information sharing models,
we conducted a team-level intervention study with 64 participants(i.e., members

of a baseball team and a research group) over a period of three weeks.

o The evaluation results obtained suggest that lifelog data closely related to the

performance indicator of the team effectively enhance team behavior change.

o Furthermore, of the six kinds of proposed models, the external competition con-
cept model (iCL+eCP) was the most effective for teams in competitive situations,

such as sport teams.
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Figure 6.4: Components of the Activity Page
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Figure 6.5: Experimental Procedure of Exercise Study
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Chapter 7

Self—Report Study: Enhancing
Team-Level Self—-Report
Activity

This section describes Self—Report Study which is measured influence on information
sharing for team-level self-report activity behavior change. We developed a plugin for
self-report activity sharing on Sapplication Platform, and used it in a rugby team for

retrieving their physical condition by coaches.
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7.1 Target Team—level Behavior Change

From a viewpoint of coaches in the sports team, observing players physical and mental
condition promptly is a high priority task for preventing serious injury. Especially,
for sports which include contact such as rugby and american football, soccer, failing
concentration and increasing fatigue have a risk to conduct fatal injury (e.g., fracture
and concussion, spinal cord injury.) Due to preventing the accident, physical trainer
and coaches need to observe all players’ condition. Nowadays, by the spread of sensor-
technologies (see Section 2.1), we can collect variety types of information. However,
the human factor is still important data for understanding the human condition. In
fact, The Japan National Rugby Team are collecting physical and mental conditioning
data every morning with web-based survey system in addition to sensor data. Besides,
collecting the condition data quickly and immediately without human assistance that
reduce a burden of data collection by coaches, and allow to change training and practice
menu flexibly based on the players’ condition data.

Through our interview, Chihiro Ota who is a Strength & Conditioning (S&C) As-
sistant Coach in Japan National Rugby Union Team and also a head coach of S&C in
Keio University Rugby Football Club said about an importance of collecting subjective

condition data quickly as follows;

“From the standpoint of S&C, to collect and manage “subjective” condi-
tion data is important in addition to values such as “objective” mileage
and the like in order to manage the condition of the athlete. Especially at

top-level players, the performance levels among the players is so close.

Therefore, to arrange their athletes’ peak performance to the game with-
out injury and fatigue is extremely important to achieve the final team goal.
For example, by collecting subjective data (condition data) of players in
the morning, we can control the amount of daily physical / skill training
and provide effective practice for games such as prevention of athlete over-

work etc.”

Existing tools (e.g., CoachMePlus!', ONE TAP SPORTS?, CLIME Factory3 allow

to collecting the information via the web or mobile client. However, the tools have

lhttps ://coachmeplus.com/
2https://www.one-tap.jp/top
3http ://www.climbfactory.com/
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only common— or no—reminder function. If a player(i.e., professional players) has a
high motivation and/or benefit to understanding his/her condition by themselves, and
the team has rich human-resources for handling players input, coaches can collect the
information by using only the common reminders. However, due to human—motivation,
we expect hard to collects the data in an amateur team such as teams in university, high
school, junior high school using above functions.

The second study (Self-Report Study) focus on enhancing team-level self-report

behavior change by using progress sharing.

7.1.1 Schedules of Information Sharing

Figure 7.1 shows notification schedules for sharing other members’ progress of an-
swers. Generally, in Self-Report Study, Sapplication Platform provide progress in-
formation between 8 and 12 AM as Reminding Notification, and 8 PM as Result
Notification. Reminding Notification sends notification each 30 minutes between 8
and 12 AM, until the user answers the self—condition check survey; In this sense, if
a user did not answer the survey, the user revived notification 8 times. As shown in
Figure 7.2, if the user does not answer the survey before 12 AM, Sapplication platform
stop to send Reminding Notification. Moreover, the user answer the survey before 8§

AM, Sapplication platform does not send notification (Figure 7.3.)

1. Send current 5. Recived an answer
progress at 8:00 and stop to sending

3.Send current progress

rogress again

prog 8 309 6.Send today’ s result
ats:.

ion Platform

Mobile Client

0:00 8:00

2. Revice
current progress

4. Revice current progress
and answer the survey

Figure 7.1: Notification Schedule: User answered between 8§ and 12AM
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3. Stop to send notification if the
user does not answer the survey

4.Send today’ s result
1. Send current progress ‘ Y

ion Platform

sToP

(

8:30 9:00 9:30¢ .. 12:00 20:00

Mobile Client

. 24:00 .

0:00

2. Revice current progress

Figure 7.2: Notification Schedule: User unanswered before 12 AM

2. Recived 3. If user answers the survery before 8:00, 4.Send today’ s result
an answer platform does not send progress

ion Platform

>

\STOP

MobileClient g6 .| 800 830 900 930 . 1200 . 2000 .. 2400 I

1. Aanswer the survey before
receving a notification

Figure 7.3: Notification Schedule: User answered before 8 AM

7.1.2 Used Information Sharing Models

In the Self-Report Study, Sapplication platform shares a progress of participants’
answer for self—condition check survey with information sharing models (see Sec-
tion 4.3.2) by using push notification function on their own mobile phone.

Figure 7.1.2 shows a sample screenshot when the mobile phone has revived a no-
tification from Sapplication Platform. A message in the notification will be changed
based on the other members progress on this study. Table 7.1 shows a relationship be-
tween information sharing models and actual screenshots of information sharing based
on the each model. Self-Report study uses four types of information sharing models:
IND and iCL, iCP, iCL+eCP. IND is a based-line model in this study. In the IND,

Sapplication Platform provides information with only own activity data.
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7 @ 3 100% 44
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78% Charged
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Figure 7.4: Screenshot of notification

Table 7.1: Notification Messages of Result Notification
Models | Notification Message

IND “Lets answer the condition check soon!”

iCL “Let’s cooperate with the team and set the response rate of the condi-
tion check as fast as 100%! Currently Team-X response rate is —%.”

icP “Let§ answer condition checks earlier than other team members!

Team-Xs’ responsiveness is D; unresponsiveness is A and B, C.”
iCL+eCP | “Let’s cooperate with the team and make the response rate of the
condition check 100% faster than the opponent team! The response
rate is —% for Team-X, —% for Team-Y.”

At 8 PM, Sapplication Platform provides a notification which includes answered
time from 8 AM. For example, in the case of that a user answered the survey at 8:24,
the notification title is “Today, you answered the condition check +24 minutes! See you
tomorrow.” Meanwhile, “Today, you answered the condition check -24 minutes. See
you tomorrow,” if the user answered it at 7:36. Table 7.2 shows contents of notifications

for Result Notifications.
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Table 7.2: Notification Messages of Result Notification

Models Answered Un-answered

IND “Today’s result: you answered the | “Today’s result: you did not
condition check +24 minutes! See | answered the condition check!
you tomorrow.” Letsanswer it tomorrow!”

iCL “Today’s result: You answered the | “Today’s result: You have not an-
condition check in + 24 minutes. | swered the condition check. In
In addition, the response rate of | addition, the response rate of the
the team was 50%. See you tomor- | team was 50 %. I look forward to
row.” tomorrow.”

iCP “Today’s result: You answered the | “Today’s result: You have not an-
condition check at 24 minutes. The | swered the condition check. The
ranking in the team is Ist: A. The | ranking in the team is Ist: A. The
unresponded people in the team | unresponded people in the team
are B and C, D. See you tomor- | are B and C, D . See you tomor-
row.” row.”

iCL+eCP “Today’s result: You answered the | “Today’s result: You have not an-
condition check at 24 minutes. The | swered the condition check. The
result is Team-X (Total 56 min- | result is the victory of Team-Y be-
utes) vs Team-Y (Total 82 minutes), | cause Team-X is incomplete. I look
Team-X is the winner here! See | forward to tomorrow.”
you tomorrow.”

7.1.3 Team and Model Configuration

Keio University Rugby Football Club (hereinafter referred as the Rugby Team) is
our target team for Self-Report Study. The rugby team daily collects their physical
and mental condition data using ONE TAP SPORTS* which is a web-based survey
system for sports, and the National Rugby Team in Japan also uses the same system for
managing their players’ condition. On the system, they are collecting following data
by 7-Points Likert Scales: (1) weight information, (2) sleep duration, (3) sleep quality,
(4) fatigue level, (5) stress level, (6) water supply, (7) pain of hamstring muscular, (8)
lower back of muscle pain, and (9) muscle pain of calf. Moreover, the Rugby Team 3
is the most historical rugby team in Japan, which is known as the first rugby team in
Japan (since 1899). In addition, the team is sill one of a strong rugby team in japan has
won the college championship tournament in Japan 5 times. The performance of the
top level teams is almost same level between other rival teams. Therefore, condition

management is important seriously for them to winning their games, and also all of

‘https://www.one-tap.jp/top
5https ://www . kurfc.com/
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the players are expected that they have strong motivation and interest to manage their
condition data.

From the team, our study picked up 21 male members. These members were cho-
sen from the original team members (the rugby team has 124 players originally) who
agree to this experiment. All participants are first—year undergraduate students at Keio
University. Moreover, all of the participants’ primary phone are iOS devices.

The aim of this experiment was to investigate the effect of four types of information
sharing models (i.e., IND and iCL, iCP, iCL+eCP) for promoting Self-Report Activity.
To using all models to all participants, the members are splits five groups comprising
four persons each internal teams (A) to (E) for each team, with team members. Each

team was assigned one of the information sharing models as shown in Table 7.3.

Table 7.3: Correspondence of Each Internal-Teams and Information Sharing Models

Information Sharing Models Rugby Team
IND Rugby-A
iCL Rugby-B
iCP Rugby-C
iCL+eCP Rugby-D & Rugby-E

7.1.4 Dataset

To understand participants activities, mobile client collects shown in Table 7.4.

Table 7.4: Dataset: Collecting activity data from participants’ mobile phone in Self-
Report Study

Name Frequency | Quality Note

ESM (Self—Condition Check) daily — 5—Points Likert—Scale
ESM (Review of Notifications) daily — 7-Points Likert—Scale
Location (GPS) 3 minutes | 250 meter

Location (WiFi) 3 minutes | — —

Activity Recognition 3 minutes | — —

Weather Information 1 hour — Data from OpenWea
Battery 1 minutes | — —

Screen Status every time | — Detecting device usage
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Figure 7.1.4 shows sample screenshots of ESM page on the mobile client. The ESM
screen appeared when the user opens the app automatically. Totally, the ESMs have
seventeen questions. The first half (twelve questions) of ESMs are for self—condition
checks such as weight and sleep duration (start and end), sleep quality, fatigue—level,
stress—level, nutrition, hydration, sore muscles(hamstring, and back, hip, calves.) The
second half (five questions) questions for contents of the push notification message.

The questions are the same question in Exercise—Study (see Section 6.2).

sesee T 9:41 7@ % 100%mms | esses = 9:41 1 @ 3 100% 4
£ AWARE n7 < AWARE 15117

SER A BHIOABRNS ENSWVWEIEL

- FOSEBWELRE?
1-7DOEIED SZU T ZRIEORFIREEBIRL T =R BOLD S )0 ST (<HBICE ) DERBTREL TS
w
<rEEW - TEERL, OBEENAZERL T REW
12 3 45 6 7NA
Bad(1) Good(7) 2ceear-r O O O O O O O O smecmor

] n~a

Figure 7.5: Screenshot of condition check questionnaires and ESMs

7.2 Experiment Procedure

We obtained approval from our university Institutional Review Board (IRB). The IRB

approved following:

e (Collecting data from mobile phone (e.g., location and device usage, ambient
noise, ESM etc) and physical data from wearable devices (e.g., heart-rate and

GSR, skin temperature etc)
e Feedback activity data to other team members except for personal information

Figure 7.6 shows an experimental schedule for Self-Report study. On the first day,

we hold an explanatory meeting with each teams as shown in Figure 7.7. The used
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ESM configuration file is shown on Appendix E.

Rugby-E | IND I iCL+eCP |
Rugby-D [ IND Il iCL+eCP |
Rugby-C [ IND I[ icP |
Rugby-B | IND Il icL |
Rugby-A IND IND
Time - - ! ! D>
_ - - .Per-Intervnetion- - - R Main-Intervention------------ 3
(1 week) T (2 weeks) T
Explanatory Meeting First Survey Second Survey

Figure 7.6: Experiment Schedule

Figure 7.7: Explanatory Meeting with Each Team

In the meeting, we described them the overview of study schedule and usage of
the Sapplication Platform and mobile client, group configuration. First, all of the par-
ticipants 1) make own account on Sapplication Platform, and 2) installed the mobile
client from AppStore®. As a third step, 3) for combining mobile client to Sapplica-
tion Platform, participants read a QR code for our study which is made by AWARE
Framework. After reading a QR code, the sensing and ESM configurations (see Sec-

tion 7.1.4) are downloaded and set automatically. Next, 4) we checked ““sensing status”

Shttps://itunes.apple.com/fi/app/aware-client-ios/id10659784127mt=8
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9% < 9

and “existence of ESMs,” “application and privacy setting,” “accessibility of remote
push notification.” Finally, 5) each participant try to answer and upload the condition
check as a test themselves.

The study started on the same day for all 22 participants. During the study period,
each participant utilized his smartphone. We banned exchanging information related to
Sapplication between other teams, and changing settings of the mobile client, sending
reminders to coaches during the study. We conducted surveys for all participants about
a usage of the system, and measured group—cohesiveness, group—efficacy by using
existing methods in the social science community.

The participants answered the questions using a 5—point Likert scale (5: Strongly
Agree, 4: Somewhat Agree, 3: Neutral, 2: Somewhat Disagree, 1: Strongly Disagree).
The survey comprised the four questions as shown in Table 6.2. The participants had to
answer three questions using the 7—point Likert scale. Question 1 (SR-Q1) was, “How
do you feel about activity sharing using the application?” and Question 2 (SR-Q2)
was, “Do you want to use this application continuously?”. Questions 1 and 2 relate to
discomfort with information sharing. Question 3 (SR-Q3) was, “Do you feel pressure

Jfrom other members?” This question relates to pressure from team members.

7.3 Results

In this section, we describe and consider the result of inspection of team performance
(T P) and the comfortable level (CL), Team-Efficacy (T E), Team—Cohesion.

7.3.1 Influence on Team Total Performance

This subsection describes and considers the result of TP. As a baseline, Figure 7.8
shows response times during the Pre—Intervention. Figure 7.9 shows response times
by each information sharing models during the Main—Intervention. In the figures, the
vertical axis signifies response times (minutes) for their condition check from 8§ AM
and the horizontal axis signifies the each model. Moreover, Table 7.5 is the static of
the both figures’ response time.

Based on the result above, our analysis shows several significant differences be-

tween the information sharing models.
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Figure 7.8: Base—Line: Response Times with IND in Pre—Intervention

Table 7.5: Statistic of Response Times with Each Interventions

Response
Model Count Mean  Std. Min. 25% 50%  75% Max. Rate
Pre-IND 114 14.84 9457 | -172.1 -54.89 14.19 75.54 236.52 | 55.55%
Main-IND 55 4128 75.64 | -148.89 10.31 52.05 90.11 181.33 | 78.57%
Main-iCL 47 3332 78.77 | -11843 -29.77 30.25 90.55 209.98 | 83.93%
Main—-iCP 24 -3 97.38 | -142.96 -103.5 1.9 7276 138.58 | 42.86%
Main—-iCL+eCP 83 19.76  94.11 | -182.04 -27.09 9.51 64.78 18797 | 74.11%

IND as the baseline

The second column of Table 7.5 means average response time of each information
sharing models. From all of the information sharing models and term, a response
time during Main—IND is the most rate than others (i.e., Pre—IND, and Main—iCL, iCP,
iCL+eCP.)

Compare with the average response time in Pre—Intervention, in the Main—Intervention,
only response time of Main—iCP is improved 17 minutes. However, other models (i.e.,
Main—-IND and Main—iCL), Main-iCL+eCP) are decreased. In the addition, a com-
parison between Main—/ND and models in Main—Intervention shows that the average
response times of all activity shared models (i.e., Main—iCL and iCP, iCL+eCP) are
faster than Main—IND.

The last column in Table 7.5 is the response rate for the condition check. The
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Figure 7.9: Response Times with Each Interventions in Main—Intervention

response rate of Main—iCP model has decreased rapidly.

We conducted Analysis of Variance (ANOVA) to prove the significant different
between the base—-model and proposed information sharing models. In this case, the
sample size of response times is deferent between IND, and iCL, iCP, iCL+eCP. Thus,
we used Welch’t t-test for measuring significant different between IND—iCL and iCL—
iCL, IND—iCP, IND-iCL+eCP. The significant different occurred between IND—iCP
(p=0.05). Moreover, there is no significant different between IND—iCL (p-value=0.61)
and iCL-iCL+eCP (p-value=0.14).

The Impact of Team Context

In the team, they have their own context. For example, our target rugby team con-
ducts practices Tuesday to Saturday, and also, they have a game on Sunday generally.
Monday is a holiday for them. In the addition, their practice (i.e., physical training)
start from 6 AM, and the practice is finished around 18 PM. Thought a discussion with

coaches in the team, we categories three daily contexts as follows:
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Practice Team members have a practice with team members for a day, and they have to

go to their field for the practice.

Game Team members have only a game, and all of the members do not have a scheduled

practice.

Off Team members do not have a practice and game, and also, they do not need to

go to their field.

During the study, there were 10 practice days, and 2 game days, 2 off days. Fig-
ure 7.10 shows response times for each team context (i.e., Practice, and Game, Holi-
day) by each information sharing models. Especially, the response time of iCP and off

are faster than other models; the average time is faster -108.6 minutes than /ND model.

Response Time for Each Team Context
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Figure 7.10: Response Time for Each Team Context in IND and iCL, iCP, iCL+eCP

7.3.2 Influence on Comfort Level

Table 7.6 and 7.8, 7.7 show questionnaires for a comfortable level.
The SR-Q1 (Table 7.6) measures a comfortable level of the notification message.

In the question, the mode value of Main—iCP and iCL+eCP are 7 which means that
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contents of notification are comfortable than other information sharing models. The

SR-Q2 (Table 7.7) measures a pressure from team members via the notification mes-

sages. As same as SR-Q1, the value of Main—iCP and iCL+eCP are 7, and an average

of answers higher than others. The SR-Q3 shows the continuation of used notifica-

tion contents. As shown in 7.8, Mode value of Main—iCP and iCL+eCP are 7, and an

average is higher than other models.

Table 7.6: SR-1: Comfortable Level of Notification Contents
“How do you feel the contents of notification?”

Models 1 2 3 4 5 6 7 | NA | Average Mode Parameter
Pre—IND 37 32 19 0 5 21 34 4.21 3 121
Main—-IND 2 5 20 6 1 6 6 7 3.89 3 53
Main-iCL o 1 16 8 0 0 10| 17 4.34 3 52
Main-iCP 0O 0 9 1 0 1 12| 4 5.26 7 27
Main—-iCL+eCP | 1 3 20 8 O O 27| 26 4.88 7 85

Table 7.7: SQ-R2: Social Pressure from Notification Contents

“How do you feel other members’ pressure from the notification contents?”
Models 1 2 3 4 5 6 7 | NA | Average Mode Parameter
Pre-IND 1 1 34 8 2 8 23| 36 4.62 3 113
Main—-IND 1 0 25 3 0 7 9 9 4.29 3 54
Main-iCL o 1 18 8 0 0 9 15 4.2 3 51
Main—-iCP o 1 8 0 0 1 12| 4 5.27 7 26
Main—-iCL+eCP | 2 5 22 3 1 2 29| 23 4.84 7 87

Table 7.8: SR-Q3: Continuation of Notification Contents

“How much do you want to use the notification contents continually?”
Models 1 2 3 4 5 6 7 | NA | Average Mode Parameter
Pre-IND 1 8 34 8 1 5 22| 33 4.30 3 112
Main—-IND 0 5 24 2 2 6 7 7 4.02 3 53
Main-iCL o 0 19 7 0 0 10| 15 4.31 3 51
Main—-iCP o 0 9 1 0 1 12 3 5.26 7 26
Main-iCL+eCP | 0 6 23 3 1 0 31| 22 4.92 7 86

7.3.3 Group Efficacy and Cohesiveness

This section describes the result of termly survey which surveys are conducted at be-

ginning of Main—Intervention and end of Main—Intervention.
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Table 7.9 shows a value of Group—Efficacy and —Cohesiveness value between be-
fore and after Main—Intervention by each team. The average value of Group—Efficacy
on iCL+eCP and iCP is increased after using the information sharing model. In the

addition, on iCP, the value of Cohesiveness level is increased after using the model.

Table 7.9: Group Efficacy and Cohesiveness

Average of Group Efficacy | Average of Group Cohesiveness
Before  After Gap Before  After Gap
IND 45.8 43 -2.8 70.6 64.6 -6
iCL 60 53.75 -6.25 88.5 8475 -3.75
iCP 52 53 1 87.5 79.75 -7.75
iCL+eCP | 4738 54.13 6.763 7425 78.25 4

7.3.4 Collected Activity Data

For understanding participants activities, mobile client collects following data in Ta-
ble 7.4.

Table 7.10: Dataset: Amount of collected activity data from participants’ mobile phone

Sensor Name Records
Location (GPS) 15650
Location (WiFi) 4993

Activity Recognition | 142602
Weather Information 693

Battery 17288
Screen Status 7552

Figure 7.11 to 7.16 shows an amount of each collected sensor data. A row in
vertical axis means each participant, and a column in horizon axis is a day during
main—study. A cell visualizes an amount of the record by the day and participant, and
also, a thick color of the cell has lots of records by other cells.

From the history of application usage and a questionnaire about device usage at end
of the study, 7 participants complained that the battery drains fast. Due to the battery
consumption, during the study, 5 participants (i.e., PI, P11, P14, P15, and P21I) used
Low Power Mode which is i0S official low battery consumption mode. On the same
reason, 5 participants turned off location sensors (i.e., P4, P11, P13, P14, and P21)
and denied to use background refresh (i.e., P17). Nevertheless, they got an attention to

application setting at beginning of the study.
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Figure 7.11: Amount of Location Events

7.3.5 Interview to Team Manager

This section shows results of interviews to a manager who is a head coach of S&C in

the team. In the interview, we inquired above questions:

I1 Beneficial Influence: How do you think beneficial influences for the team—level

self-report activity by using Sapplication Platform?

12 Harmful Influence: How do you think Harmful influences for the team—level

self-report activity by using Sapplication Platform?

I3 Expectations: What kind of expectations did you have about using the Sappli-

cation Platform through this experiment?

During the interview, both an interviewer and an interviewee could see the same
figures (Figure 7.9 and 7.10) and tables (Table 7.6, 7.7, 7.8, and 7.9) related to the

result of this experiment.
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Figure 7.12: Amount of WiFi Access Points Data

I1: Beneficial Influence

The head coach felt the average response speed is enough to change the training menu
based on the result of conditioning check for preventing injuries of players. He ex-

pressed as follows:

“Moreover, since average response time of condition check is answered
within one hour in most models. Therefore, the response time is enough
and also the data can be reflected on team practice quickly. For example,
based on the data, we can change a training menu data for preventing

injury if the player has extreme fatigue.”

Moreover, the same head coach expressed that “effective use of Human Resource,”
and “numeration of team-level intervention” are a beneficial influence for preventing

players’ injuries and team operations of Sapplication platform as follows:

“In past systems (i.e., ONE TAP SPORTS), the reminders were sent by

staffs, but by converting the task to an automation by machine, the staffs
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Figure 7.13: Amount of Activity Events

can utilize the excess time for doing other tasks such as preparation for nu-
trition supply, massage, taping for players. In terms of effectively utilizing
human resources, the platform contributes to the prevention of athletes’

injuries and the efficiency of condition management.”

In addition, he strongly interested into use the platform by themselves, and use their

daily operation.

“The response time and rate are changed just by visualizing the progress
of response of the conditioning check is very interesting possibility phe-
nomenon. We want to use the system in our team management and change
parameters by ourselves for promoting members’ behavior. I feel that the
different depending on the context of the team (practice, game, and holi-

day) is also interesting phenomenon.”

12: Harmful Influence

About a harmful influence, the head coach expresses response rate is not enough for

using the platform. In the models which are used in this self-report study (/ND, iCL,
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iCP, and iCL+eCP), he wants to use the CL which is a high response-rate model.

“ On the other hand, the response rate is a problem to be solved. The
ideal percentage is 100% for managing the team condition. However, the
response rate is around 70-80%. In the current case, I'm thinking to use
iCL, but I'm also interested in using iCP+eCP for its effectiveness of com-

”»

fortable level, team—cohesivenss, and team—cohesiveness.

13: Expectations

The coach expressed an expectation that using other data has a potential to promot-
ing other sub—goals. For example, sharing weight training data or running data (from

wearable sensor) has a huge potential for promoting quality of physical training.

“Our team is collecting GPS data in the game/practice using wearable
sensors. Also, we are recording training data like a maximum weight of
training. I am interested in using these data in the platform for promoting

members’ behavior.”
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7.4 Discussion

This section describes discussion of the self-report study.

7.4.1 Long-Term Behavior Change

75

60

45

30

This experiment conducts 3—week study (1-week pre—study and 2—-weeks main—study)

for measuring an effect of short—time behavior change by using information sharing

models on a sports team. However, constructing general team—level behavior change

model is required a more large number of experiment and samples (i.e., age and gen-

der, personality, culture.) For example, Lin el al., [8] they are during 2 months which

included 2 weeks pre—study and 4 weeks main—study, 2 weeks post—study, for evalu-

ating long—term behavior change. In the Social fMRI [12] had 3 months study. As an

example of large scale research, Schneidera [86] recruited 1236 participants for their

research by using a Social Network Service.

96



7.5. SUMMARY

g - 60
P13
P14
P15
ol B e B s
P17
o P18
5 P19
S P2
P20 30

s INEEEEEE T

I
4 0w —_—
P8 [ L
0 1 2 3 4 5 6 7 8 9 10 11 12 13
day

Figure 7.16: Amount of Screen Events

7.4.2 Personality

In this experiment, we used a push—notification—based information sharing method
which allows sharing other members progress passively. As an evaluation, the noti-
fication counts and schedules were delivered with a fixed schedule regularly. However,
from the result of survey, participants felt the notification is a lot. Okoshi et al., [87]
proposed a breakpoint based notification providing method. By using the method, ac-
cess rate of the provided information has been improved. In this sense, controlling
the notification timing could be one of the important factor for enhancing team—level

behavior change in addition to the quality of content.

7.5 Summary

In this section, we described an experiment (namely Self-Report Study) for measuring
influence on information sharing (i.e., IND, iCL, iCP, and iCL+eCP) for team—level
self—report activity behavior change with a rugby team in a university. In this study, the
Sapplication Platform shares the progress of response for their condition check among

team members, and we also analyzed the effect of the information sharing models. The
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key contents of this section are below:

o Self-Report Study is an experiment for measuring influence with push notifica-
tion based information sharing with four types (i.e., IND and iCL, iCP, iCL+eCP)

of information sharing model.

e The study has Pre-Intervention (1 week) and Main-Intervention (2 weeks) term,

and I evaluate the effects of interventions from TP and CL, TE, TC.

e The result shows that iCP model shortens team total response time from Pre—
IND and Main-IND, and competition elements (i.e., iCP and iCL+eCP) is an

effect of promote Team—Efficacy and Team—Cohesiveness.

e Finally, we describe limitation of the Self—-Report Study and future works: long—

term behavior change and personalization, battery consumption.
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Chapter 8

Conclusion

This chapter describes a conclusion of team—level behavior change research. First, Sec-
tion 8.1 shows applications of Sapplication Platform. Second, Section 8.2 shows future
works of team—level behavior change. Finally, Section 8.3 summarizes the concluding

remarks of this thesis.
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8.1 Application of Team-level Behavior Change

The concept of Sapplication Platform and TBC—Cycle have potentials to apply diverse
research areas. As examples of the feasible application by fruits of this dissertation, this
section shows the capability of evidence—based team—level intervention and analytics in

Section 8.1.1, and extensibility of TBC-Cycle to other types of teams in Section 8.1.2.

8.1.1 Evidence Based Team-level Intervention Studies for
Non—-programmer

Sapplication Platform provides information sharing method and an environment of
evidence—-based analytics for non—computer programmer (e.g., psychologist, medical
doctor, and coaches in a sports team.) In the other word, they can conduct an evidence—
based team-level intervention study without programming on Sapplication Platform,
by just setting participants, information sharing models, data, and term. Figure 8.1
shows a map which contains geographical location (e.g., around practice field of the
rugby team) and physical activity data (e.g., still, walking, running, biking and automo-
tive condition which are provided by API on smartphone) when they answer an ESM,
as an example of visualization of collected data using the platform. They can quickly
understand where the ESM is answered in what condition, and measure the effects of
information sharing.

The functions can apply to various types of group—level intervention researches.

The example cases in a sports team are as following:

e Enhancing distance of running and maximum speed using information sharing

between teams (i.e. rival teams) in a league

e Empowering training effects (e.g., maximum weight of wight—training, quality
of skill training, and number of training) using information sharing between cat-

egories (e.g., position, grade, and ) in a team

e Modifying sleep environment (e.g., ambient noize, temperature, and humidity)

for improving quality of physical recovery using information sharing in a team

8.1.2 Applicability of TBC-Cycle to Other Types of Teams

As the first trial, this thesis focused on enhancing team-level behavior in sports teams

which played a team game (e.g., baseball and rugby team) in a university. Addition-
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Figure 8.1: Response Map with Activity Type

ally, team members in the team has a strong motivation to achieving their final team
goal such as “winning a collage championship.” The result for the teams shows the
team-based competition model (e.g., iCL+eCP) has potential to use other competitive
sports teams what has played team games examples: football, soccer, and hockey. On
the other hand, in the real world, there are various types of the organized groups such
as project team in a company, a circle in a university, and the neighborhood associa-
tion, other than the sports team. The effectiveness of information sharing for enhancing
team—level behavior change in the all teams is not substantiated by only this disserta-
tion’s evaluation. So that Sapplication Platform was designed to use the various team,
the effectiveness of information sharing models in other types of teams will be tackled

on the platform in the future works.
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8.2 Future Works on Team-level Behavior Change

This section presents avenues for future work on Sapplication Platform and team—level
behavior change research.

First, section 8.2.1 describes a future large—scale and long—term study for archiving
the final goal that to constructing a team—level behavior change model. Second, sec-
tion 8.2.2 explains potentials of personalized information sharing. Third, section 8.2.3
shows a potential of TPI (Team Performance Indicator) prior team—level intervention
using reverse TBC-Cycle. Next, section 8.2.4 mentions research opportunities for
enhancing team-level behavior change by applying other activity data. Finally, sec-
tion 8.2.5 states a necessity of preventing misuses and privacy concern on Sapplication
Platform and TBC-Cycle.

8.2.1 Large-scale and Long-term Studies

First, an ultimate goal of team—level behavior change research is “constructing a gen-
eral team—level behavior change model.” Our studies’ scale and term in this dissertation
are 64 and 21 participants who belonged sports team in a university, and three weeks
studies respectively. Therefore, the results of this dissertation yet address the short—
term behavior change. In order to achieve the goal, long—term and large-scale studies
are an essential task. Originally, TTM [35], which is a well-known method to com-
prehend level of individual behavior change, decides the long—term behavior change is
completed if a user still doing the target activity over six months; more than six—months
study is one of a criterion of long—term evaluation.

Besides, a wide variety of users and teams are there in the actual use case. To in-
vestigate effectiveness among user characteristics, including age, gender, and culture,
is a future work. In the same reason, a difference in a team is an essential factor of
team—level behavior change research. For example, comparing the effectiveness of in-
formation sharing models between Independent—teams (e.g., Field&Track, Swimming,
and Archery team) and Interdependent—teams (e.g., Baseball, Rugby, and Football)
is yet another challenge. Logically, a working team in a company, a project team in
a research laboratory, and a group in a neighborhood association are future research
subjects.

Due to the long—term studies, teams will take various context (e.g., long vaca-

tion, training camp, and test season in sports team) in addition to three context in this

102



8.2. FUTURE WORKS ON TEAM-LEVEL BEHAVIOR CHANGE

dissertation (i.e., Practice, Game, and Off). Analyzing reason of the effectiveness of
information sharing models in each the contexts are future research tasks.
Further, automated analytics and feedback for managers are a future development

task that improves user experiences among the platform usage in the real environment.

8.2.2 Personalized Information Sharing

This dissertation analyzed the effectiveness of “contents” on information sharing. The
results of studies show that sharing information enhanced the team members’ activi-
ties. In this sense, on the information sharing in the team, the “contents” of information
assume that is a significant factor for team—level behavior change. In addition to the
“contents,” the effectiveness might be related to other triggers such as “timing,” “lo-
cation,” and “team context(e.g., off, practice, and game day).” The triggers are future
research area of the team—level behavior change research.

Personalizing sharing contents is a general solution to improve user satisfaction,
which is used in the practical systems such as recommendation systems on electronic
commerce’s web—site. In the same way, the solution is expected that a practical method
for improving user satisfaction and effectiveness of behavior change. In Gamification,
Richard [88] categorized four player types (i.e., Achievers, Explorers, Socializers, and
Killers) from system usage data as shown in Figure 8.2, and the research showed play—
style and player’s incentive are different by each player’s player category. Analysis of
the use types and personalizing the sharing contents are future challenges. In addition,
sharing different information in a team due to simple personalization may make discord
among them members. For example, in order to adjust personalization, if the Sappli-
cation Platform shares data to A using iCL and B by iCP, only B (iCP) can check the
other member performance. In this sense, adjusting team—based intervention methods
is required, and it is a future work.

Not only contents of information but also information providing timing assumes
that also enhance behavior change. For reducing users’ perceived mental effort, Okoshi
et al. [87] controlled notification timing based on the breakpoint which is detected from
mobile device usage. Moreover, Obuchi et al. [89] investigated an incorruptibility of
physical activity—based breakpoints using activity recognition API on a smartphone.
Their result shows breakpoint-based notification delivery improve 70.0% user’s re-
sponse time, when user’s activity was changed from “walking” to “stationary” after

the notifications were observed, in the best case. In this thesis, Sapplication Platform
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Figure 8.2: Bartle Taxonomy of Player Types [88]

provides information regularly (i.e., providing information via push notification on a
smartphone every 30 minutes from 8 AM to 12 AM) in order to fix a number of pro-
viding information sharing opportunities. Adjusting occasion of information sharing
for improving a quality of data provision is yet another future work.

Using fake information is a suggestive research area for behavior change research.
For example, Placebo Effect [90, 91] is one of a well-known phenomenon in the
medical field, and was applied another research field such as promoting sports per-
formance [92]. Placebo Effect means that even if prescribing a placebo, some im-
provement is seen by believing that the placebo is real medicine. In the Ubicomp
community, Nakamura et al. [93] provided controlled heart-rate which is generated by
based on their proposed models. In this sense, fake information assumes that has a
potential to enhance human behavior powerfully. Analyzing the effectiveness of fake

information in team—level behavior change is yet another future work.

8.2.3 TPI Prior Team-level Intervention by Reverse TBC-Cycle

In this dissertation, TBC-Cycle, as shown in Figure 4.3, was used by clockwise rotation
for evaluating the effects of information sharing models. Through the long—term and
large—scale evaluation above, Big Data (i.e., lifelog data from team members) will
be stored. By using the Big Data, Sapplication Platform can estimate a team-level
intervention method (i.e., lifelog—data, information sharing models, and team) which is

the most efficient for enhancing team—level behavior. Reverse TBC-Cycle is a concept
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to applying the estimated method to team-level behavior change.

A dashed line in Figure 8.3 shows a concept of (Reverse TBC—Cycle). On the cycle,
first, team manager decides a specific parameter on Team Performance Indicator (TPI)
for a sub—goal on Sapplication platform. Second, Sapplication Platform estimates a
team-level intervention method (e.g., kind of information sharing, lifelog data, group)
for achieving the selected TPI based on the Big Data (i.e., intervention results of other
teams). Finally, Sapplication Platform shares information using the suggested inter-
vention method, and team members will make an effort to achieve their sub—goal. To

establishing an effectiveness of the reverse TBC—Cycle is yet another future work.

Step-2. Sapplication Platform estimate a team-level intervention method (e.g., kind of
information sharing, lifelog data, group) for enchaing team-level behavior change
based on the Big Data (i.e., intervention results of other teams)

s N
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Figure 8.3: Reverse TBC—Cycle

8.2.4 Applying Multimodal Lifelog Data for Enhancing Team-Level
Behavior Change

The studies on this dissertation applied the information sharing models for enhancing
exercise activity by sharing a number of exercises, and for promoting self-report activ-
ity by sharing response time of the report. However, the number of collectible lifelog
data is expanding rapidly, and valuable data is still buried in their personal space. In the
other word, the buried data still has infinite potential to enhance team-level behavior
change. Current Sapplication Platform can share data that has stored in the connected
AWARE database. On the platform, countable data such as daily steps, calorie con-

sumption, and moving distance are examples of the usable data in the database.
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In addition to the current function, an implementation of Application Program In-
terface (API) for importing other platforms’ data (sleep duration from Fitbit API) is
powerful functions for more flexible team-level intervention study on Sapplication
Platform. For example, Existing lifelog applications are providing API (e.g., Fitbit !,
Moves 2, and MicrosoftHealth 3 API) so that, various types of data can be accessed via
the APIs. Besides, more variety of lifelog—data will be collected due to the evolution
of mobile/wearable sensing technologies.

In addition, managing the Sapplication Platform as an open source software (OSS)
is one of the solutions to use the platform widely variety researchers, and supporting
multiple lifelog data openly. As a role model, AWARE [69] and Sensus [71] manage

their mobile clients and servers as an OSS, and extending their platform contentiously.

8.2.5 Preventing Misuses and Privacy Protection

The team-level behavior change cycle and systems have a possibility to lead people
to an antisocial behavior like a mind control. For preventing the misuses, additional
studies must be required.

Moreover, a privacy observance is an important factor in the real environment. In
this dissertation, Sapplication Platform collected all collectible lifelog data (e.g., loca-
tion, smartphone usage, and physical activity). When a user registers for the Sapplica-
tion Platform, team members approve data access. Therefore, team managers (coaches,
trainer, and researchers) can be accessed the data. However, extending TBC-Cycle and
Sapplication Platform to other groups (such as circle, community, and organization)
need to design data management policy. As an example of the policy, the lifelog data
is stored in the user’s database every day, and if the platform needs to use the data, the
platform sends an access request to each user. The platform can access to the database
after the user accepts the request, and the user is possible to change the data accessibil-

ity after the approval.

8.3 Concluding Remarks

The rapid spread of smartphones and wearable devices has significantly been enabling

activity sensing technologies, and it enables that most people who have the devices, to

"https://dev. fitbit.com/jp
2ht‘cps ://dev.moves-app.com/
3https ://developer.microsoftband.com/cloudAPI
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collect various type of activities in their daily lives as lifelog data conveniently. In the
ubiquitous computing environment, the collected data is used for promoting a human
behavior in any cases such as exercise, eating, and sleeping, as a use—case. In addition
to the environment, in a general human life-style, the majority of people are spending
their most of time in organized groups (e.g., sports team, class in a school, and project
team in a company.) including on-line and off-line with their devices.

To the best of our knowledge, existing behavior—-change researches mainly focused
on individual or group level behavior change by using the mobile/wearable devices
and collected data. Moreover, traditional approaches in Social Psychobiology tackles
to analyze group— and team-—level behavior just by observation without dynamic in-
tervention using information technologies. However, most people spend in organized
groups surrounded by ubicomp environment in near future, so that methodologies for
empowering the team—level activity and evaluation method of effectiveness are signif-
icant research subject of practical information management in the organized group in
the ubicomp era.

This dissertation studied the impact of information sharing on the team-level be-
havior change in the ubiquitous environment for the first time. For enhancing and
measuring team—level behavior change, we proposed “Team-level Behavior Change
Cycle (TBC-Cycle)” which is generated from existing approaches of individual-level
behavior change using information technologies. “Sapplication Platform” is a plat-
form for no—programing skill researchers/team—managers to apply the TBC-Cycle to
real-teams, which manages “team members,” “schedule/kinds of intervention methods
(i.e., information sharing models),” and “evidence data during the interventions.” As
an intervention method for a team, Sapplication Platform can share lifelog data via
six types of information sharing models (e.g., IND, iCL, iCP, iCLCP, iCL+eCP, and
iCLCP+eCP) which are based on the- “competition” and “collaboration.” To evaluate
the impact of the information sharing models in teams, in this dissertation, we conduct
two extend extended studies using “Sapplication Platform” over a period of six weeks
with baseball-(empowering exercise activity) and rugby—(enhancing self-report activ-
ity) team in the university. Through the evaluations, our analysis showed that lifelog
data are closely related to the team’s original performance indicator effectively enhance
team behavior change. Further, use of the “team—based competition” concept model
(iCL+eCP) was most effective for teams in a competitive situation, such as sport teams,

among the proposed models.
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This dissertation has the following contributions:

e As an attractive new interdisciplinary research, team-level behavior change re-
search, using information sharing among team members in Ubicomp environ-

ment, has created in this dissertation.

o To enhancing team-level behavior change, we established TBC-Cycle to utilize
buried data and proposed six-types of information sharing models (IND, iCL,
iCP, iCLCP, iCL+eCP, iCLCP+eCP), that can be used as team-level interven-

tions on the cycle, based on Competition and Collaboration techniques.

e In addition, through team-level intervention studies using the proposed infor-
mation sharing models in the real teams are revealed that competition between
teams (iCL+eCP) promotes team behavior change in the sports team that per-

forms targeted competitive team sports.

o For end users, we implemented Sapplication Platform, which can easily conduct
an evidence-based team-level intervention research using the proposed six types

of information sharing models and TBC-Cycle.

108



Bibliography

(1]

(3]

[4]

(7]

Erika Shehan Poole, Andrew D. Miller, Yan Xu, Elsa Eiriksdottir, Richard
Catrambone, and Elizabeth D. Mynatt. The place for ubiquitous computing in
schools: Lessons learned from a school-based intervention for youth physical ac-

tivity. In Proceedings of the 13th International Conference on Ubiquitous Com-
puting, UbiComp 11, pp. 395-404, New York, NY, USA, 2011. ACM.

Jawbone Inc. jawbone up. https://jawbone.com/up.

Matthew Kay, Eun Kyoung Choe, Jesse Shepherd, Benjamin Greenstein,
Nathaniel Watson, Sunny Consolvo, and Julie A. Kientz. Lullaby: A capture
&#38; access system for understanding the sleep environment. In Proceedings
of the 2012 ACM Conference on Ubiquitous Computing, UbiComp *12, pp. 226—
234, New York, NY, USA, 2012. ACM.

M.M. Anthimopoulos, L. Gianola, L. Scarnato, P. Diem, and S.G. Mougiakakou.
A food recognition system for diabetic patients based on an optimized bag-of-
features model. Biomedical and Health Informatics, IEEE Journal of, Vol. 18,
No. 4, pp. 1261-1271, July 2014.

Christos Efstratiou, Ilias Leontiadis, Marco Picone, Kiran K Rachuri, Cecilia
Mascolo, and Jon Crowcroft. Sense and sensibility in a pervasive world. ACM
Conference on Pervasive 2012, Vol. 7319 LNCS, pp. 406-424, 2012.

Taemie Kim, Sensible Organizations, Citable Link, Daniel Olguin Olguin, Stu-
dent Member, Benjamin N Waber, and Student Member. Sensible Organizations
: Technology and Methodology for Automatically Measuring Organizational Be-
havior. Vol. 39, No. 1, pp. 43-55, 2016.

Jon Froehlich, Leah Findlater, Marilyn Ostergren, Solai Ramanathan, Josh Peter-

son, Inness Wragg, Eric Larson, Fabia Fu, Mazhengmin Bai, Shwetak Patel, and

109



BIBLIOGRAPHY

[9]

[10]

(1]

[12]

[13]
[14]

[15]

[16]

James a Landay. The design and evaluation of prototype eco-feedback displays
for fixture-level water usage data. Proceedings of the SIGCHI Conference on

Human Factors in Computing Systems, pp. 2367-2376, 2012.

James J. Lin, Lena Mamykina, Silvia Lindtner, Gregory Delajoux, and Henry B.
Strub. Fish’n’Steps: Encouraging Physical Activity with an Interactive Computer
Game. UbiComp 2006: Ubiquitous Computing, pp. 261-278, 2006.

Sunny Consolvo, Katherine Everitt, lan Smith, and James A. Landay. Design
requirements for technologies that encourage physical activity. Proceedings of
the SIGCHI conference on Human Factors in computing systems - CHI "06, pp.
457-466, 2006.

J. Barnett, M. Harricharan, D. Fletcher, B. Gilchrist, and J. Coughlan. mypace:
An integrative health platform for supporting weight loss and maintenance be-
haviors. Biomedical and Health Informatics, IEEE Journal of, Vol. 19, No. 1, pp.
109-116, Jan 2015.

Naoki Nakashima, Sozo Inoue, Hiroko Tsuruta, Osamu Sudo, Kunihisa
Kobayashi, and Toyoshi Inoguchi.” INFO-MEDICINE CONCEPT ” , INFOR-
MATION CAN BE A MEDICINE IF IT IS PROVIDED IN A TIMELY AND
APPROPRIATE MANNER. the 12nd China-Japan-Korea Medical Infoematics
Conference, pp. 22-25, 2009.

Nadav Aharony, Wei Pan, Cory Ip, Inas Khayal, and Alex Pentland. The social
fMRI: measuring, understanding, and designing social mechanisms in the real
world. In Proceedings of the 13th international conference on Ubiquitous com-
puting - UbiComp 11, p. 445, New York, New York, USA, 2011. ACM Press.

Mark Weiser. The Computer for the 21st Century, 1991.
Mark Weiser. Ubiquitous Computing, 1996.

OO0 22 0000000000000). http://www.soumu.go.jp/
johotsusintokei/whitepaper/ja/h27/html/nc111320.html.

000000 2600 O00D0OO0OO0ODOOOOO ICTODOOOO
0. http://www.soumu.go.jp/johotsusintokei/whitepaper/ja/h26/
html/nc111000.html.

110



BIBLIOGRAPHY

[17]

(18]

[19]

[20]

(21]

(22]

(23]

[24]

[25]

(26]

0o0o0ooo0o 200 ODO0DO0DO0DO0DOOoOoOoOoooooooOaOO.
http://www.soumu.go. jp/johotsusintokei/whitepaper/ja/h28/
html/nc122230.html.

ooodogo2200 00000000bOobooood. http://www. soumu.
go.jp/johotsusintokei/whitepaper/ja/h26/html/nc141330.html.

Steve Hodges, Emma Berry, and Ken Wood. SenseCam: A wearable camera that
stimulates and rehabilitates autobiographical memory. Memory, Vol. 19, No. 7,
pp- 685-696, 2011.

Peter Middleton, Peter Kjeldsen, Jim Tully, and Key Findings. Forecast: The
Internet of Things, Worldwide. Technical Report November 2013, 2013.

ogoo.go025000000b000b0000go Ictroobooooooono
OO000. http://www.soumu.go. jp/johotsusintokei/whitepaper/ja/
h25/html/nc130000.html.

Personal Data: The Emergence of a New Asset Class —
World Economic Forum. https://www.weforum.org/reports/

personal-data-emergence-new-asset-class.

Hong Lu, Denise Frauendorfer, Mashfiqui Rabbi, Marianne Schmid Mast,
Gokul T. Chittaranjan, Andrew T. Campbell, Daniel Gatica-Perez, and Tanzeem
Choudhury. StressSense: Detecting Stress in Unconstrained Acoustic Environ-
ments using Smartphones. Proceedings of the 2012 ACM Conference on Ubiqui-
tous Computing - UbiComp ’12, p. 351, 2012.

Samuli Hemminki, Petteri Nurmi, and Sasu Tarkoma. Accelerometer-based trans-
portation mode detection on smartphones. Proceedings of the 11th ACM Confer-
ence on Embedded Networked Sensor Systems - SenSys "13, pp. 1-14, 2013.

John Rooksby, Parvin Asadzadeh, Mattias Rost, Alistair Morrison, and Matthew
Chalmers. Personal Tracking of Screen Time on Digital Devices. Proceedings of
the 2016 CHI Conference on Human Factors in Computing Systems, pp. 284-296,
2016.

John Gantz, David Reinsel, and Bigger Digital Shadows. The Digital Universe in
2020. IDC iView ”Big Data, Bigger Digital Shadows, and Biggest Growth in the
Far East”, Vol. 2007, No. December 2012, pp. 1-16, 2012.

111



BIBLIOGRAPHY

[27]

(28]

[29]

(30]

(31]

(32]

(33]

(36]

J Dean and S Ghemawat. MapReduce : Simplified Data Processing on Large
Clusters. Communications of the ACM, Vol. 51, No. 1, pp. 1-13, 2008.

Doug Beaver, Sanjeev Kumar, Harry C Li, Jason Sobel, Peter Vajgel, and Inc.
Facebook. Finding a Needle in Haystack: Facebook’s Photo Storage. In Proc.
USENIX Symp. Operating Systems Design and Implementations (OSDI’10), pp.
1-14, 2010.

Greg Linden, Brent Smith, and Jeremy York. Amazon.com recommendations:
Item-to-item collaborative filtering. IEEE Internet Computing, Vol. 7, No. 1, pp.
76-80, 2003.

Takeshi Sakaki, Makoto Okazaki, and Yutaka Matsuo. Earthquake Shakes Twitter
Users: Real-time Event Detection by Social Sensors. In Proceedings of the 19th
International Conference on World Wide Web, pp. 851-860, 2010.

Shinya Hiruta, Takuro Yonezawa, Marko Jurmu, and Hideyuki Tokuda. Detec-
tion, classification and visualization of place-triggered geotagged tweets. Pro-
ceedings of the 2012 ACM Conference on Ubiquitous Computing - UbiComp 12,
p. 956, 2012.

Michael A. Hayes and Miriam A M Capretz. Contextual anomaly detection in
big sensor data. Proceedings - 2014 IEEE International Congress on Big Data,
BigData Congress 2014, pp. 64-71, 2014.

WHO. Global Health Risks: Mortality and burden of disease attributable to se-
lected major risks. Bulletin of the World Health Organization, Vol. 87, pp. 646—
646, 2009.

Albert Bandura. Self-efficacy: toward a unifying theory of behavioral change.
Psychological review, Vol. 84, No. 2, p. 191, 1977.

CarloC. DiClemente, JamesO. Prochaska, and Michael Gibertini. Self-efficacy
and the stages of self-change of smoking. Cognitive Therapy and Research,
Vol. 9, No. 2, pp. 181-200, 1985.

Aristotle. Politics. http://www.perseus.tufts.edu/hopper/text?doc=
Perseus:abo:tlg,0086,035:1:1253a.

112



BIBLIOGRAPHY

[37] David Yukelson, Robert Weinberg, and Allen Jackson. A multidimensional group
cohesion instrument for intercollegiate basketball teams. Journal of Sport and
Exercise Psychology, Vol. 6, No. 1950, pp. 103-117, 1984.

[38] Ae Mieko. The reconsideration of an instrument to measure cohesiveness in sport

teams. Japanese Journal of Sport Psychology, Vol. 13, No. 1, pp. 116-118, 1987.

[39] Albert Bandura. Self-efficacy: Toward a unifying theory of behavioral change.
Advances in Behaviour Research and Therapy, Vol. 1, No. 4, pp. 139-161, 1978.

[40] Kevin S Spink. Group Cohesion and Collective Efficacy of Volleyball Teams.
Journal of Sport Exercise Psychology, Vol. 12, pp. 301-311, 1990.

[41] Kurt Lewin. Psychology and the Process of Group Living. The Journal of Social
Psychology, Vol. 17, No. 1, pp. 113-131, feb 1943.

[42] A.V. Carron. Cohesiveness in sport groups: Interpretations and considerations.
Journal of Sport Psychology, Vol. 4, No. 2, pp. 123—-138, 1982.

[43] OO00O0O,0000,000,0000. The resources and application of collec-
tive efficacy in team sport. 0 O 00 O, Vol. 32, pp. 11-19, 2010.

[44] C. B. Gibson. DO THEY DO WHAT THEY BELIEVE THEY CAN? GROUP
EFFICACY AND GROUP EFFECTIVENESS ACROSS TASKS AND CUL-
TURES. Academy of Management Journal, Vol. 42, No. 2, pp. 138-152, apr
1999.

[45] T M Vargas-Tonsing, A L Warners, and D L Feltz. The predictability of coach-
ing efficacy on team efficacy and player efficacy in volleyball. Journal of Sport
Behavior, Vol. 26, No. 4, pp. 396-407, 2003.

[46] Nicholas D. Myers, Deborah L. Feltz, and Sandra E. Short. Collective Efficacy
and Team Performance: A Longitudinal Study of Collegiate Football Teams.
Group Dynamics: Theory, Research, and Practice, Vol. 8, No. 2, pp. 126—138,
2004.

[47] Stephen A. Kozub and Justine F. McDonnell. Exploring the Relationship Between
Cohesion and Collective Efficacy in Rugby Teams. Journal of Sport Behavior,
Vol. 23, No. 2, p. 120, 2000.

113



BIBLIOGRAPHY

(48]

[49]

[52]

(53]

[54]

[55]

Steven R Bray and W Neil Widmeyer. Athletes’ Perceptions of the Home Advan-
tage: An Investigation of Perceived Causal Factors. Journal of Sport Behavior,
Vol. 23, No. 1, p. 1, 2000.

Sandra E. Short, Philip Sullivan, and Deborah L. Feltz. Development and Prelimi-
nary Validation of the Collective Efficacy Questionnaire for Sports. Measurement
in Physical Education and Exercise Science, Vol. 9, No. 3, pp. 181-202, sep 2005.

Nagao Yuichi. Influence on a collective efficacy of viewing a motivational video

of a game in relation to type of video. PhD thesis, Kyushu University, 2013.

Eric B. Hekler, Predrag Klasnja, Jon E. Froehlich, and Matthew P. Buman. Mind
the Theoretical Gap: Interpreting, Using, and Developing Behavioral Theory in
HCI Research. In Proceedings of the SIGCHI Conference on Human Factors in
Computing Systems - CHI ’13, p. 3307, New York, New York, USA, 2013. ACM

Press.

Gunny Lee, Chris Tsai, William G. Griswold, Fred Raab, and Kevin Patrick.
PmEB: A Mobile Phone Application for Monitoring Caloric Balance. In CHI

'06 extended abstracts on Human factors in computing systems - CHI EA "06, p.
1013, New York, New York, USA, 2006. ACM Press.

Tamara Denning, Adrienne Andrew, Rohit Chaudhri, Carl Hartung, Jonathan
Lester, Gaetano Borriello, and Glen Duncan. BALANCE: Towards a Usable
Pervasive Wellness Application with Accurate Activity Inference. Proceedings.
IEEE Workshop on Mobile Computing Systems and Applications, Vol. 2009, p. 5,
2009.

Sunny Consolvo, David W. McDonald, Tammy Toscos, Mike Y. Chen,
Jon Froehlich, Beverly Harrison, Predrag Klasnja, Anthony LaMarca, Louis
LeGrand, Ryan Libby, Ian Smith, and James A. Landay. Activity sensing in
the wild: A field trial of ubifit garden. In Proceedings of the SIGCHI Conference
on Human Factors in Computing Systems, CHI *08, pp. 1797-1806, New York,
NY, USA, 2008. ACM.

Sunny Consolvo, Predrag Klasnja, David W. McDonald, and James A. Landay.
Goal-setting considerations for persuasive technologies that encourage physical
activity. In Proceedings of the 4th International Conference on Persuasive Tech-
nology - Persuasive '09, p. 1, New York, New York, USA, 2009. ACM Press.

114



BIBLIOGRAPHY

[56]

[57]

(58]

[60]

[61]

[62]

[63]

Ruben Gouveia, Fabio Pereira, Evangelos Karapanos, Sean A. Munson, and Marc
Hassenzahl. Exploring the design space of glanceable feedback for physical ac-
tivity trackers. In Proceedings of the 2016 ACM International Joint Conference
on Pervasive and Ubiquitous Computing - UbiComp 16, pp. 144—155, New York,
New York, USA, 2016. ACM Press.

Young-Ho Kim, Jae Ho Jeon, Eun Kyoung Choe, Bongshin Lee, KwonHyun
Kim, and Jinwook Seo. TimeAware. In Proceedings of the 2016 CHI Conference
on Human Factors in Computing Systems - CHI '16, pp. 272-283, New York,
New York, USA, 2016. ACM Press.

BJ Fogg and BJ. A behavior model for persuasive design. In Proceedings of the
4th International Conference on Persuasive Technology - Persuasive 09, p. 1,

New York, New York, USA, 2009. ACM Press.

Sebastian Deterding, Dan Dixon, Rilla Khaled, and Lennart Nacke. From game
design elements to gamefulness: Defining” Gamification” . Proceedings of the
15th International Academic MindTrek Conference on Envisioning Future Media

Environments - MindTrek ’11, pp. 9—-11, 2011.

Paul Denny. The effect of virtual achievements on student engagement. Proceed-
ings of the SIGCHI Conference on Human Factors in Computing Systems - CHI
'13, p. 763, 2013.

G. Zichermann and C. Cunningham. Gamification By Design. 2011.

Noreen Kamal and Sidney Fels. Determining the determinants of health be-
haviour change through an online social network. In Magnus Bang and EvalL.
Ragnemalm, editors, Persuasive Technology. Design for Health and Safety, Vol.
7284 of Lecture Notes in Computer Science, pp. 1-12. Springer Berlin Heidel-
berg, 2012.

Rui Wang, Fanglin Chen, Zhenyu Chen, Tianxing Li, Gabriella Harari, Stefanie
Tignor, Xia Zhou, Dror Ben-Zeev, and Andrew T Campbell. StudentLife: as-
sessing mental health, academic performance and behavioral trends of college
students using smartphones. Proceedings of the 2014 ACM International Joint
Conference on Pervasive and Ubiquitous Computing, pp. 3—14, 2014.

115



BIBLIOGRAPHY

[64]

[65]

[66]

[67]

[68]

[69]

[70]

[71]

[72]

(73]

[74]

Rui Wang, Gabriella Harari, Peilin Hao, Xia Zhou, and Andrew T. Campbell.
SmartGPA: How smartphones can assess and predict academic performance of

college students. arXiv preprint, pp. 1-13, 2015.

Kiran K. Rachuri, Mirco Musolesi, Cecilia Mascolo, Peter J. Rentfrow, Chris
Longworth, and Andrius Aucinas. EmotionSense: A Mobile Phones based Adap-
tive Platform for Experimental Social Psychology Research. Proceedings of the
12th ACM international conference on Ubiquitous computing - Ubicomp 10, p.
281, 2010.

Google form. https://www.google.com/forms/about/.
SurveyMonkey. https://www.surveymonkey.com.
Google. PACO. https://code.google.com/archive/p/paco/.

Denzil Ferreira, Vassilis Kostakos, and Anind K. Dey. AWARE: Mobile Context
Instrumentation Framework. Frontiers in ICT, Vol. 2, p. 6, apr 2015.

Moo-Ryong Ra, Bin Liu, Tom F. La Porta, and Ramesh Govindan. Medusa: A
Programming Framework for Crowd-Sensing Applications. In Proceedings of
the 10th international conference on Mobile systems, applications, and services
- MobiSys ’12, No. Section 2, p. 337, New York, New York, USA, 2012. ACM

Press.

Haoyi Xiong, Yu Huang, Laura E. Barnes, and Matthew S. Gerber. Sensus: A
Cross-Platform, General-Purpose System for Mobile Crowdsensing in Human-
Subject Studies. In Proceedings of the 2016 ACM International Joint Conference
on Pervasive and Ubiquitous Computing - UbiComp ’16, pp. 415-426, New York,
New York, USA, 2016. ACM Press.

Stefan E Hormuth. The sampling of experiences in situ. Journal of Personality,
Vol. 54, No. 1, pp. 262-293, mar 1986.

Sunny Consolvo and Miriam Walker. Using the experience sampling method to
evaluate ubicomp applications. IEEE Pervasive Computing, Vol. 2, No. 2, pp.
24-31, 2003.

Jon Froehlich, Mike Y. Chen, Sunny Consolvo, Beverly Harrison, and James A.
Landay. MyExperience: a system for in situ tracing and capturing of user feed-

back on mobile phones, 2007.

116



BIBLIOGRAPHY

[75]

[76]

[77]

(78]

[79]

[80]

[81]

[82]
[83]

[84]

[85]

[86]

Saul Shiffman, Arthur A Stone, and Michael R Hufford. Ecological momentary
assessment. Annual review of clinical psychology, Vol. 4, pp. 1-32, 2008.

E. S. C. Weiner, J. A. Simpson, and Oxford University Press. The Oxford English
Dictionary. 2004.

EverySpo! http://everyspo.com/concept/.

Nike+ Running App for iPhone & Android. Nike.com. http://www.nike.com/
us/en{\_}us/c/nike-plus/running-app-gps.

Runtastic. https://www.runtastic.com/.

Jeffrey Hightower, Elaine M. Huang, Kent Lyons, Calif. International Conference
on Pervasive Computing 9 2011 San Francisco, Calif.) International Conference
on Pervasive Computing (9 2011.06.12-15 San Francisco, and Calif.) Pervasive
(9 2011.06.12-15 San Francisco. Pervasive computing : 9th international con-
ference, Pervasive 2011, San Francisco, USA, June 12-15, 2011 ; proceedings.
Springer, 2011.

Simo Hosio, Denzil Ferreira, Jorge Goncalves, Niels van Berkel, Chu Luo, Muza-
mil Ahmed, Huber Flores, and Vassilis Kostakos. Monetary Assessment of Bat-
tery Life on Smartphones. In Proceedings of the 2016 CHI Conference on Human
Factors in Computing Systems - CHI "16, pp. 1869—1880, New York, New York,
USA, 2016. ACM Press.

jQuery Mobile. https://jquerymobile.com/.
Google Charts. https://developers.google.com/chart/.

Tomoko Ikegami and Yumi Endo. Graphics Social Psychology. Graphic text

book. Science Corporation, 1998.

Sunny Consolvo, Katherine Everitt, lan Smith, and James A. Landay. Design
requirements for technologies that encourage physical activity. In Proceedings of
the SIGCHI Conference on Human Factors in Computing Systems, CHI °06, pp.
457-466, New York, NY, USA, 2006. ACM.

Hanna Schneider, Kilian Moser, Andreas Butz, and Florian Alt. Understanding
the Mechanics of Persuasive System Design. Proceedings of the 2016 CHI Con-
ference on Human Factors in Computing Systems - CHI ’16, pp. 309-320, 2016.

117



BIBLIOGRAPHY

[87]

[88]

[89]

[90]

[91]

[92]

[93]

Tadashi Okoshi, Julian Ramos, Hiroki Nozaki, Jin Nakazawa, Anind K. Dey, and
Hideyuki Tokuda. Reducing users’ perceived mental effort due to interruptive
notifications in multi-device mobile environments. In Proceedings of the 2015

ACM International Joint Conference on Pervasive and Ubiquitous Computing -
UbiComp ’15, pp. 475-486, New York, New York, USA, 2015. ACM Press.

Richard. Bartle. Hearts, clubs, diamonds, spades: Players who suit MUDs. Jour-
nal of MUD research, Vol. 1, No. 1, p. 19, 1999.

Mikio Obuchi, Wataru Sasaki, Tadashi Okoshi, Jin Nakazawa, and Hideyuki
Tokuda. Investigating interruptibility at activity breakpoints using smartphone
activity recognition api. ACM UbiComp, pp. 1602-1607, 9 2016.

C. A. Gateley. The powerful placebo, 1991.

Ted J. Kaptchuk, Elizabeth Friedlander, John M. Kelley, M. Norma Sanchez, Efi
Kokkotou, Joyce P. Singer, Magda Kowalczykowski, Franklin G. Miller, Irving
Kirsch, and Anthony J. Lembo. Placebos without deception: a randomized con-
trolled trial in irritable bowel syndrome. PloS one, Vol. 5, No. 12, p. el5591,
2010.

Mark Bérdi, Ferenc Koteles, Attila Szabd, and Gyorgy Bardos. Placebo effects in
sport and exercise: A meta-analysis. European Journal of Mental Health, Vol. 6,
No. 2, pp. 196-212, 2011.

Kenji Nakamura, Takuya Katayama, Tsutomu Terada, and Tsukamoto Masahiko.
A System for Controlling Biological Condition using Feedback of False Infor-
mation. Journal of Information Processing Society of Japan, Vol. 54, No. 4, pp.
1433-1441, 2013.

118



Appendix A

The Japanese Collective Efficacy
Questionnaire for Sports:

JCEQS (Japanese)

BARRAR—VEBMHBRRE
( the Japanese Collective Efficacy Questionnaire for Sports: JCEQS )

@ TAZAOHEMICAH LT, RIcTibhdRE (HEOKRA - K& HL) CH0T, HBEEAHRLTLSF—L (KE) 2t ICE5AROBE] TEh <D
DR LB TRET R 0~10 0 b bo & b TRESRFIOE- T &,

3
#
2 -4
% 5 4
< ) B
H b -
m b o
H z Y
w 3
1. babnoOF—AiL, EHEZEMTES. 0 1 2 3 4 5 6 1 8 9 10
2. bhbhOF—AlE, F—ARI M2 RRELRIBRHZENBTES. 0 1 2 3 4 5 6 1 8 9 10
3. bhvbhoF—Alk, HBEF—LLYVBRVWTLANTES. 0 1 2 3 4 5 6 1 8 9 10
4. bhbhOF—AlL, MEZRHETES. 0 1 2 3 4 5 6 1 8 9 10
5. bhvbhoF—Alk, HICHiIFE TSI ENRTED. 0 1 2 3 4 5 6 1 8 9 10
6. bhbhoF—4alE, BOERELTIZENTES. 0 1 2 3 4 5 6 1 8 9 10
1. bhbhoF—Aalk, 7vyvr—RhoTH2bilih 7 v A T& %, 0 1 2 3 4 5 6 7 8 9 110
8. bhbhoF—Alk, FhELESSLATED. 0 1 2 131416 16171819110
9. bhbhdF—Ahlk, RA AV A—TRSTHLRVWI LA NTES. 0 1 2 3 4 5 6 7 8 9 10
10. bhbhoF—Alk, Wobala=s—YalZ+RIIRLILRTES. 0 1 2 3 4 5 6 1 8 9 10

Figure A.1: The Japanese Collective Efficacy Questionnaire for Sports (Source [50])
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Appendix B

An Instrument of Measure
Cohesiveness in Sport Team
(Japanese)

Table B.1: An Instrument of Measure Cohesiveness in Sport Team (Source: [38])

Subscales # Question
gooooooo 1. do0ooUoooooOoUUoooOoUUooooo
2. 0000000000000 00000000000000000
oo
3 ooooooooooooog
4 000000000000 00O0000O0O000oOoOoDOOoO0OO0
5. oo0o0o0ooooooooooooo
6. 00000o0ooooooo00oooooooooooo
7 oo0o0o0oooooooooooo
gooooog 8. do00oU0UoooOoOoUUoooOoUUooooo
9. 0000o0ooooooo0o0oooooooooooooo
10 0O0O0O0O0OO0OOOOO0OOOOOOOOOOOOUOOOOOOO
11. 0000000000000000000000000
oo 12 00000000000O000O0O00O00000O000
13. 0000000O00O0O00O0O0CO0OOOOODOoUODOOOO
oo
gooooooooo 4. 0000000000000O000ODO0O0O0O00DOO00ODO0O00OO0
ooooooo
15, 000O0O0000OoOOoOooOOoOoO0O0OUOoOoDoOoOooOoO
oooooo le. 000000 0O0ODOODOOOOOOOOOODOOO
17. 000OO0O0OOOOOOOOOOOOOO
18. 0O0O0O0O0ODO0ODODO0O0O0OC0OOOO00OO0O0OOoOoOoOoOoOOg
oooooo
190 00000000000000D0OO0ODOOO0OO00OOODOOoOOO
oooo
oo 200 0O0O0OO0OOOOOOOOOOOOOOoOOOOOO
2. 0O0000O0OO0O0OO0OO0O0OOOOOOOOOOOOOOOOOOO0
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Appendix C

Questionnaires about
Team—Efficacy Level in
Japanese

Table C.1: Questionnaires about Team—Efficacy Level in Japanese

# Question

TE-1 OO0O0O0OO0OOOOOOODOOOOODOOO

TE-2 O0O00000O0O0O0OOO0DOO0OO0OO0OO0ODOO0OOO0O0OO0DbOO0OO0O0O0DbOO0bO0O00OO0
TE-3 O0OO000O0O0O0O0COOO0O0OO0O0O0O0O0O0 [—]hOo0n0

TE-4 O0OO000O0O0O0O0O0OO0O0OO0OO0OO0O00O0O0

TE-5 O0O000O0O0O0O0O0O0O0OO0O0O0O0OO0OO0O0C0O00O0

TE-6 O00O0O0OOOO0OOOODOOOOODOODOOOOODOO

TE-7 O0OO0O0OO0OO0OOOOOODOOOOOOOOOOOODOOO [—]oboo

TE-§ OO00O0OO0O0OO0O0OOOO0ODOOOOO0OD0O [—]0000

TE-9 O0O000O0O0O0O0O0O0O0OO0O0O0O0O0O0000 [—]ob0ooan

TE-10 OO0O0OO0O0OO0OO0O0O0O0OO0OO0OO0OO0OO0O00O0O0OO0bOO0O00OO0bO0bO0O00O0
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Appendix D

Questionnaires about
Team—Cohesion Level in
Japanese

Table D.1: Questionnaires about Team—Cohesion Level in Japanese

# Question

TC-1 ODOO0O0OODOOOOOOODOOOOODOODOObOO

TC-2 0O0000O0OO0O0OOCOOO0ODOOO0OOOODOOOOODOObOOObOODOO
TC-3 0OO0O00O00OO0O0OO0OOO00OO0O

TC-4 [OO0OO0O0OO0OOO0OOCOOOOOOOOOOOOOOObOOO0On

TC-5 DOOOO0OOOOOOOOOOO00ODO

TC-6 [OOO0OO0OODOOOOODOOODOOOODOOOODOnO

TC-7 DOOO0OODOOOOODOOOOO

TC-§ OO00O00OO0OO0O0OO0OOOO0OOO0OO0OO0OO0OO0DOO00OO

TC-9 [—|00000000O00O0O0O0O0O0O00O0O00DbOO0000

TC-10 0OOO0OO0OO0OODOO0O[—]00O0O0OOO0bOo0o0oOobO0boooboOobOoon
TC-11 O0O000O0O0OO0O0OOOO0O0ODOOOOODOOOOOn

TC-12 [—]000000000ODO0OO0OO0OOOO0DOOOOO0DD

TC-13 00000O0OOO0OO0OO0OOOO0DOOO0OOO0ODOO0OOOO0ODOObOOO0O0DOO
TC-14 O00O0O0O0OOO0OO0OOOOOO0ODOOO0OO0OOOO0ODOOOOOOOOOO0O0bO0000
TC-15 O000O0OO0OOO0O0OOOOOOOOOOODOOOOOOn

TC-16 U000O0OO0OOOOOOOO0OOOOOODOOOODOOO

TC-17 [—]00D00O00O0OD0OOOOOOODOOOOOOn

TC-18 [—]0000000D0OO0OO0O0OOOO0ODOOOOO0ODbOOOOO0DbOn
TC-19 [—]000000000[—]00000O0O00bO0000bO00b0000
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Appendix E

ESM Configuration file for iOS
ESM

L [f

2 ”’schedule_id”:”condition_check_v1”,

3 “hours™:[—1],

4 “randomize”:0,

5 “context”:[],

6 “start_date”:”’07-01-2016",

7 “expiration”:30,

8 “end_date”:”10-29-2020",

9 ’notification_title”:”Condition Check”,

10 “notification_body’’:”Tap to answer your body condition”,
11 “esms”:

12 “esm’: {

13 “esm_type”: 6,

14 “esm_title”:”’0 O 7,

15 “esm.instructions”:’"0 0 000 (kgD OO DOOOODOOO”,
16 ”esm_scale_max”:120,

17 ”esm_scale_min”:60,

18 ”esm_scale_start”:80,

19 “esm_scale_max_label”:”120 kg”,
20 “esm_scale_min_label”:”60 kg”,
21 “esm_scale_step”:0.1,
22 “esm_submit”:”Next”,
23 “esm_expiration_threshold”: 0,
24 “esm_trigger’”: "weight”
25 }
26 B
27 {’esm”: {
28 “esm-_type”: 7,
29 “esm title”:”’ 00000007,
30 “esm_instructions”:’"0 0 0 0000000000 O0OOO”,
31 “esm_submit”:”Next”,
32 “esm_expiration_threshold”: 0,
33 “esm_trigger’: ’sleep_start”
34
35 ,
36 {’esm”: {
37 “esm_type”: 7,
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38 Yesm_title”:’0 000000,

39 “esm_instructions”:”’ 0 0000000000 OC0OOOO0O”,

40 ”esm_submit”:”Next”,

41 “esm_expiration_threshold”: 0,

42 “esm_trigger”: ’sleep_end”

43 }

44 ,

45 {’esm”: {

46 “esm_type”: 6,

47 “esm_title”:”’0 0 00O 7,

48 “esm_instructions”:’1-70 0 0 00000000000 OOOODOODO
ooooar,

49 ”esm_scale_max”:7,

50 ”esm_scale_min”:1,

51 “esm_scale_start”:4,

52 “esm_scale_max_label”:”Good(7)”,

53 ”esm_scale_min_label”:”Bad(1)”,

54 “esm_scale_step”:1,

55 ”esm_submit”:”Next”,

56 “esm_expiration_threshold”: 0,

57 “esm_trigger”: “’sleep_quality”

58 }

59 1,

60 {’esm”: {

61 “esm_type”: 6,

62 “esm_title”:’0 0 O 7,

63 “esm_instructions”:”’1-70 0 000000000000 O0OOODOODO
opooo”,

64 ”esm_scale_max”:7,

65 ”esm_scale_min”:1,

66 ”esm_scale_start”:4,

67 “esm_scale_max_label”:”Good(7)”,

68 ”esm_scale_min_label”:”Bad(1)”,

69 “esm_scale_step”:1,

70 “esm_submit”:”Next”,

71 “esm_expiration_threshold”: 0,

72 “esm_trigger”: “fatigue”

73 }

74 1,

75 {’esm”: {

76 “esm_type”: 6,

77 “esm_title”:’0 00007,

78 “esm_instructions”:”’1-70 00 0000000000000 OOOOO
oboboooooo,

79 ”esm_scale_max”:7,

80 ”esm_scale_min”:1,

81 ”esm_scale_start”:4,

82 ”esm_scale_max_label”:”Good(7)”,

83 ”esm_scale_min_label”:”Bad(1)”,

84 “esm_scale_step”:1,

85 ”esm_submit”:”Next”,

86 ”esm_expiration_threshold’: 0,

87 “esm_trigger”: “’stress_level”

88 }

89 1,

90 {’esm”: {

91 “esm_type”: 6,

92 “esm_title”:’0 0 00O 7,

93 “esm_instructions”:”’1-70 00 00000000000 OO0OOOOO
ooooor,
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94 “esm_scale_max”:7,

95 ”esm_scale_min”:1,
96 ”esm_scale_start”:4,
97 “esm_scale_max_label”’:”Good(7)”,
98 ”esm_scale_min_label”:”Bad(1)”,
99 “esm_scale_step”:1,
100 ”esm_submit”:”Next”,
101 ”esm_expiration_threshold’: 0,
102 “esm_trigger’”: “nutrition”
103 }
104 1,
105 {’esm”: {
106 “esm_type”: 6,
107 “esm_title”:’0 000007,
108 “esm_instructions”:”’1-70 00 00000000000 OOOODOOO
ooaor,
109 “esm_scale_max”:7,
110 ”esm_scale_min”:1,
111 “esm_scale_start”:4,
112 “esm_scale_max_label”:”Good(7)”,
113 ”esm_scale_min_label”:”Bad(1)”,
114 “esm_scale_step”:1,
115 ”esm_submit”:”Next”,
116 ”esm_expiration_threshold”: 0,
117 “esm_trigger”: “water”
118 }
119 1
120 {’esm”: {
121 “esm_type”: 6,
122 Yesm/title”:’0 0 0000000OO7,
123 “esm_instructions”:”’1-70 00 00000000000 OOOODOODO
ooar,
124 ”esm_scale_max”:7,
125 ”esm_scale_min”:1,
126 “esm_scale_start”:4,
127 “esm_scale_max_label”:”Good(7)”,
128 ”esm_scale_min_label”:”Bad(1)”,
129 “esm_scale_step”:1,
130 ”esm_submit”:”Next”,
131 “esm_expiration_threshold”: 0,
132 “esm_trigger”: “hamstring”
133 }
134 ,
135 {’esm”: {
136 “esm_type”: 6,
137 Yesm_title”:’0 0000007,
138 “esm_instructions”:”’1-70 0 0 00000000000 OOOODOODO
ooar,
139 ”esm_scale_max”:7,
140 ”esm_scale_min”:1,
141 “esm_scale_start”:4,
142 “esm_scale_max_label”:”Good(7)”,
143 ”esm_scale_min_label”:”Bad(1)”,
144 “esm_scale_step”:1,
145 ”esm_submit”:”Next”,
146 “esm_expiration_threshold”: 0,
147 “esm_trigger”: “back”
148
149 ,
150 {’esm”: {
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151
152
153

154
155
156
157
158
159
160
161
162
163
164
165
166
167
168

169
170
171
172
173
174
175
176
177
178
179
180
181
182
183

184
185
186
187
188
189
190
191
192
193
194
195
196

197

198
199
200
201
202
203

“esm_type”: 6,
esm_title”:’0 00 0 0O 7,
“esm_instructions”:”’1-70 0 0 00000000 DODOODOOOOODOO
agono?,
”esm_scale_max”:7,
”esm_scale_min”:1,
“esm_scale_start”:4,
“esm_scale_max_label”:”Good(7)”,
”esm_scale_min_label”:”’Bad(1)”,
“esm_scale_step”:1,
”esm_submit”:”Next”,
“esm_expiration_threshold”: 0,
“esm_trigger”: “’buttocks”

}

1,

{’esm”: {
“esm_type”: 6,
Yesm_title”:’0 00000007,
“esm_instructions”:”’1-70 0 0 00000000 DOO0ODOOOOOOO

agoo,

”esm_scale_max”:7,
”esm_scale_min”:1,
”esm_scale_start”:4,
“esm_scale_max_label”:”Good(7)”,
”esm_scale_min_label”:”Bad(1)”,
“esm_scale_step”:1,
”esm_submit”:”Next”,
“esm_expiration_threshold”: 0,
“esm_trigger”: “calf”

}

{’esm”:{

“esm_type”: 4,

“esm_title”:’0 00000000

“esm_instructions”:”’1(=0 0 0 O

00000\ OOOOd

”esm_likert_max”:7,
”esm_likert_min”:1,

“esm_likert_max_label”:”0 0 O O O

“esm_likert_min_label”:”’0 00007,

“esm_likert_step”:1,

“esm_submit”:”Next”,

“esm_expiration_threshold’:0,
“esm_trigger”:”study_contents”

}

ooooooooog?,
0)0O0 7(=00000)000

goooog
MOoo0oONAOOOOOODOOOD,

”
&)

5
{’esm”:{

“esm_type”: 4,
Yesmotitle”:”’ 0 00000 OO0O000O0O0OO0O0OOODOOOOOOO
gooogr,

“esm_instructions”:”’1(=0 0 0 000)IO 7(=00000000O000O0OO
00oooooooowse O0Ooomoono
NAOOOODOOOOoOoaOoro,

”esm_likert_max”:7,

”esm_likert_min”:1,
“esm_likert_max_label”:”’0 00000007,
“esm_likert_min_label”:”0 0 00 00O 7,
“esm_likert_step”:1,

”esm_submit”:”Next”,
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204
205
206
207
208
209
210
211

212
213
214
215
216
217
218
219
220
221
222
223
224

225

226
227
228
229
230
231
232
233
234
235
236
237
238
239

240
241
242
243
244
245
246
247
248
249
250
251
252
253 ]

“esm_expiration_threshold’:0,

“esm_trigger”:”study_pressure”

}

I

{’esm”:{

“esm_type”: 4,

esm title”:”’0 000 000000O0O0O0ODOOOODOOOOOO,

“esm_instructions”:” (=0 00 00000)00 7(=0 000000000
Wwd 0000MO0ONAOOOOOOOoOooo

goooo0obOoO\nk

”esm_likert_max”:7,
”esm_likert_min”:1,

”esm_likert_max_label”:”’0 0 0000,
“esm_likert_min_label”:’0 0000000,
“esm_likert_step”:1,
“esm_submit”:”Next”,
“esm_expiration_threshold’:0,
“esm_trigger”:”study_motivation”
}
{"esm”:{
“esm_type”: 4,
esm title”:”’0 000 000000O0ODOOOOOOOCOOOOOOOOO

0”,
“esm_instructions”:”’1(=0 0 0 0O 0O
joo0oo0oooooooon
NADOODOODOODOOCD,
”esm_likert_max”:7,
”esm_likert_min”:1,
“esm_likert_max_label”:”’0 0000000,
“esm_likert_min_label”:’0 0 00000007,
“esm_likert_step™:1,
”esm_submit”:”Submit”,
“esm_expiration_threshold’:0,

29,9

goooO)yo7=0c00b0C00o0om
W 0O0O00M0MO00

“esm_trigger”:”study_continuation”

5
{’esm”:{

“esm_type”: 4,
Yesm_title”:’0 00000000 O00O0O0OO0OOOO0O
“esm_instructions”:”’1(=0 000 0)00 @W=000
OJ0O0O0O\m+«NAODODODODODOOOO
”esm_likert_max”:7,
”esm_likert_min”:1,
“esm_likert_max_label”:”’0 0 0 O O
“esm_likert_min_label”:”’0 00007,
“esm_likert_step”:1,
”esm_submit”:”Next”,
“esm_expiration_threshold’:0,

29,9

“esm_trigger”:”study_requency”

”

Omooooooo
00

ooo

”
3
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